Azhar et al. Future Business Journal (2023) 9:36
https://doi.org/10.1186/543093-023-00215-2

Future Business Journal

RESEARCH  OpenAcess
®

Check for
updates

Understanding post-pandemic travel
intention toward rural destinations

by expanding the theory of planned behavior
(TPB)

Mohd Azhar" ®, Sehar Nafees', Sujood? and Sheeba Hamid'

Abstract

This research intends to understand post-pandemic travel intention toward rural areas by extending the theory of
planned behavior (TPB). Social media use (SMU) and electronic word of mouth (eWOM) have been incorporated into
the original TPB model as additional constructs to increase its predictive power. To date, no study has measured post-
pandemic travel intention in the Indian context utilizing a modified model of TPB taking the studied variables; thus,
this study fills this void. A sample of 305 respondents was collected on a convenience basis via an online question-
naire. The targeted population of this study were the Indian social media users who follow the web pages of travel
agencies."SPSS 20"and "AMOS 22.0" were used for the statistical analysis. The results reveal that attitude (AT), subjec-
tive norm (SN), perceived behavioral control (PBC), social media usage (SMU) and electronic word of mouth (eWOM)
all have a beneficial impact on post-pandemic travel intention toward rural destinations. These factors explained
approximately 53% (R?=0.529) of the variance in the post-pandemic travel intention toward rural destinations. A
number of theoretical and managerial ramifications can be deduced from the findings of this study. The novelty of
this research lies in its integration of SMU and eWOM into the original TPB framework to assess individuals' post-pan-
demic travel intentions toward rural destinations.

Keywords Theory of planned behavior, Behavioral intention, Social media use, eWOM, Post-COVID-19, Rural
destinations

Introduction

The two intriguing topics that have been captivating the
interest of tourism researchers are behavioral intention
and motivation to travel [61]. The primary reason for
this is that having a grasp of the behavioral intention
of tourists may considerably cut down on superfluous
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marketing and promotional costs, which in turn makes
a significant contribution in terms of the revenue gen-
erated by the tourism industry [7, 73, 88, 137]. Hence,
it is essential to understand the determinants affecting
tourist decisions, the creation of a belief/ attitude and
the effect of different reference groups on tourist behav-
ioral intention to make effective marketing plans and
formulate adequate tourism policies post-COVID-19
[61]. These can be accomplished by understanding the
factors influencing tourist behavior [110]. Because of
this, the academic literature has a significant number
of studies on tourist behavior and travel intention [2, 8,
13, 13, 14, 14, 61, 80, 99, 118, 120, 125, 126, 151]. In the
recent past, researchers have paid a significant amount
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of attention, time and effort to study tourist behav-
ior. Numerous empirical research has been conducted
to assess tourists’ behavioral intentions and the effect
of various elements that might alter such choices [13,
13, 14, 14, 61, 118, 125, 126]. Despite the innumerable
empirical studies on the subject concerned, there is a
dearth of studies that have measured post-pandemic
travel intentions toward rural destinations. To date,
no study has been carried out in India that looked at
people’s intentions to travel to rural destinations post-
pandemic. The current study analyzes post-pandemic
travel intention toward rural destinations utilizing
a modified model of the theory of planned behavior
(TPB), thus covering this research gap previously left in
the literature.

In developing and undeveloped countries, rural tour-
ism is an important driving force of the economy [71].
The environmental impact of industrialized economies
is of more concern [140]. Developing countries have
prioritized economic sustainability during the pan-
demic [138]. According to World Bank Development
Indicators, the majority of Indians reside in rural areas
accounting for 65.07% in 2020 [132]. Rural destinations
exhibit rural traditions, culture, folklore, art, etc., show-
casing the rural lifestyle [93, 94]. It has the potential to
harness the uniqueness that rural areas have got to offer
to tourists by developing and promoting local products
and services [93, 94]. Tourists who want to feel and expe-
rience authentic rural life live with the local people and
participate in their daily routines. Such destinations offer
tourists warm hospitality and a natural, earthy environ-
ment. The local population and industry gain from tour-
ism in such rural areas [50]. The Ministry of Tourism has
also undertaken the initiative and strategy to promote
rural tourism across the country by releasing a draft of
the national strategy and roadmap for developing rural
tourism [70]. According to the report, tourist visits rural
destination and imbibes their local customs and practices
to experience their local culture, cuisine, traditions, etc.
[108]. It is like leaving one’s lifestyle and adopting a new
lifestyle to fit into their environment bubble. Urbaniza-
tion has profoundly influenced economic growth and
environmental viability in the last few years, but rural
tourism has been gaining importance [141]. After the
COVID-19 pandemic, people are finding a reason more
desperately to move to rural areas because of the over-
crowding of cities and towns, giving them less space for
accommodation and the fast transmissibility rate of the
infectious disease causing a major threat to humanity and
its settlement [47, 134]. After the COVID-19-induced
slowdown, China is the first major economy to recover,
impacting others [139]. Therefore, it has become quite
relevant to study post-pandemic travel intentions toward
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rural destinations, and the present study meets this
emerging need.

The number of studies utilizing the TPB paradigm has
grown in recent years [2, 8, 80, 99, 118, 120, 151]. These
studies focus on the intentions and behavior of tourists.
Although the TPB model has been shown to be effec-
tive in predicting tourists’ intentions, many researchers
still argue that it lacks adequate explanatory power [84,
99]. Some researchers believe the TPB model might ben-
efit from including other essential constructs relevant to
the tourism industry to strengthen its explanatory power
[99, 149]. Ajzen [4] originally proposed the TPB model.
This model posits three basic types of convictions that
motivate human conduct based on behavioral, norma-
tive and subjective convictions [13, 14, 135]. Attitude
(AT) is described by behavioral convictions, subjective
norm (SN) is described by normative convictions, and
perceived behavioral control (PBC) is described by sub-
jective convictions [13, 14, 135]. Under the TPB model,
three constructs affect the level of behavioral intention:
AT, SN and PBC [4]. Moreover, after considering the pre-
existing variables, the TPB is open to adding new predic-
tive factors if such components may capture a specified
proportion of the variation of intention [5].

In light of the discussion, this research deepens our
understanding of the factors influencing post-pandemic
travel intentions to rural India by extending the TPB
model. SMU and eWOM are added to the actual TPB
model to expand it. This allows the model to more accu-
rately reflect the likely thought process underlying post-
pandemic plans for travel to India’s rural hotspots.

The following are some of the contributions that this
study makes. First, it shows how SMU and eWOM affect
post-pandemic travel intentions to rural India. These
findings give a detailed understanding of tourists’ pos-
sible behaviors in the wake of a pandemic. Second, this
research offers a reasonable basis for the TPB model’s
viability in analyzing post-pandemic travel intentions to
Indian rural destinations. It helps further to widen the
range of applications for the TPB model. Third, the study
offers a refined TPB model by including new constructs
observed following the constructs of the original TPB
model. Consequently, the ability of the basic TPB frame-
work to explain and anticipate future traveling intentions
is enhanced.

Theoretical background

Theory of planned behavior

Ajzen [4] proposed a model of planned behavior for bet-
ter understanding and predicting human intention. This
model postulates three components of Bl, including AT,
SN and PBC [45]. Due to its widespread usage and appli-
cability, extensive research has been carried out across
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various disciplines to analyze and understand human
behavior [1, 18, 38, 60]. Research in the tourism sector
has been employing the TPB model to make similar pre-
dictions about tourists’ behavioral intentions [2, 8, 48,
76, 80, 99, 114, 118, 120, 136, 151]. Continuing previous
research, the present study employs the TPB model to
provide the basis for understanding post-pandemic travel
intentions toward rural destinations in India. The other
two key determinants incorporated in the TPB model
are SMU and eWOM, which could help in better under-
standing the theoretical framework and ensure in giving
futuristic results in order to predict the tourist intention.
These variables were influential in current times [13, 13,
14, 14], which is why they have been incorporated into
the original TPB model.

Behavioral intention (BI) was the term used by Fish-
bein and Ajzen [45] in the theory of reasoned action
(TRA). Bl is the primary variable in TRA to understand
how consumers react toward a particular thing based on
their beliefs and emotions [92]. Intention is defined as
the action to perform a behavior in future [128]. Previous
studies have shown that there is a connection between
the traveler’s intention and the independent antecedents
[91]. According to Fishbein and Ajzen [45], behavioral
intention is a pivotal factor in deciding whether or not to
travel. Earlier, this theory was used to predict the inten-
tion of travelers for various occasions and purposes. So
TPB is applied in this study along with constructs viz.,
SMU and eWOM to help understand post-pandemic
travel intentions toward rural destinations in India. Rural
destinations with pleasant weather and living conditions
are the preferable vacation choices for tourists. Locals
provide a hospitable environment for tourists to have
social interaction and authentic experiences with them
[116]. According to Chen and Tsai [27], the behavior
of tourists is the main determining factor in choosing a
destination, visiting it, reviewing the services and prod-
ucts provided there and lastly, the intention to revisit a
destination.

Based on the intention of the tourists, the results of
this research will provide fresh perspective on how travel
businesses can use social media to expand their market-
ing reach and win over new customers through online
content and pages. The modified framework can also
help industry experts and professionals to augment the
marketing strategies to identify and promote rural desti-
nations in India.

Hypotheses development

Attitude and post-pandemic travel intention

Attitude (AT) is the first important component of the
TPB which measures the extent and assesses one’s behav-
ior [45]. In the TRA, the concept of AT was utilized to
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illustrate how the decision-making process leads to the
decision to travel to a specific destination. Decision-mak-
ing is a complex process that is impacted by both psy-
chological (i.e., AT) and societal (i.e., SN) factors [122].
A person’s favorable or adverse choice toward a specific
action is termed as AT. Several studies suggest that AT
positively influences BI [13, 14, 20, 61, 62, 72, 81, 100,
125, 126]. The post-pandemic travel intention will be
determined by the AT of the tourists who are either will-
ing or unwilling to travel. Few studies have investigated
why people choose to travel to rural destinations where
AT positively impacts the intention of the traveler [13, 14,
64, 72, 81, 113] (Table 1). Therefore, on the basis of the
above discussion, the following hypothesis is postulated:

H, Attitude significantly and positively influences post-
pandemic travel intention toward rural destinations.

Subjective norm and post-pandemic travel intention

SN is another significant component of the TPB model. It
is defined as the thoughts and feelings of those who mat-
ter to a person and have control over their choices. [45].
These significant individuals might be family members,
close relatives, co-workers, acquaintances, or even busi-
ness partners and associates [59, 61]. SN is defined as “the
perceived social pressure to perform or not to perform
the behavior” [4]. Mathieson [103] states that “subjective
norm reflects the perceived opinions of referent others.
A ‘referent other’ is a person or group whose beliefs may
be important to the individual” [103], p. 176). Another
essential definition was provided by Fishbein and Ajzen
[45], which is as follows: “the person’s perception that
most people who are important to him/her think he/she
should or should not perform the behavior in question”
SN is helpful in studying the influence which affects the
traveler’s intention to perform a particular behavior in
a given situation pertaining to the choices given by the
family, friends and close ones [3]. There are significant
studies that support the notion that SN is an essential
factor that impacts tourist intention to visit a destina-
tion [13, 14, 61, 62, 72,79, 81, 86, 122, 125, 126, 129, 146].
Rural tourism is one of the trending kinds of tourism
where many studies are being carried out to improve and
develop a place and community. Therefore, it becomes
quite essential to study SN to understand post-pandemic
travel intention toward rural destinations. Given the dis-
cussion above, the following assertion is postulated:

H, Subjective norm significantly and positively influ-
ences post-pandemic travel intention toward rural
destinations.



Page 4 of 17

(2023) 9:36

Azhar et al. Future Business Journal

wLIoU dA13[GNS NS “{SI PAAIDIIR Hd ‘@bewi uoireunlsaq /J ‘[013U0d [RIOIARYS] PIAISIID DFd ‘SOHS BUIIOMIBU [BIDOS SNS ‘DPNHIIY [V ‘UOIUSIUI HSIADY [y

INOMS3 AQ pa10aye A|BUOIIS 318 UORUSIUI [9ARI}

sbew uoieunssp pue uoneso| e plemaol spninie

pue aHew| UO[IBUINSIP 1Y) PIPN|DU0D 3q Ued 3| gdl /91 elsauopu| ‘UOIIUBIUI [ARIY S1D34E NOMS MOY SZAleue o] [/ 1] ‘|e 1@ uepuiey 0l
1ISIAD) O}
UO[IUS1UI,$151INOY UO 10edwll JUBDLIUDIS pue 9|qelone)
e 9/ 'S9|qRIIBA gd] 910D 3Y3 O} UOIPPE Ul ‘WOM 1dAB3 01 UIN13J O UOIIUSIUI SIOYISIA 1SBIIO)
pUB UOIIRAIIOWUI [9ABI} 1Y) P3JRaAI ApNis oy | gdl 0¢ 1dAB3  ©01.3plIo Ul g4 Jo UoIsIan papuedxa ue dojaasp o [cz1] uewl|os 6
puail siyy 1oy JoreAnow
Jofew e S| NOAMS PUB ‘SUOIIBIRA D1ISSWOP 4004
pue ue|d 01 eIpaW [B1D0S 01 BuluiNy A|Buiseadul aie Butuueld duy dnsauwiop 1oy eipaw
eiskejely Ul a|doad BunoA ey ugiyxa sbuipuy ayl  NVL PUe gdl L0S eiskejely [eID0S 3sn suelsAe|ely BUNOA moy 21e61saAUI O] [601] ‘| 32 AYLOOW 9
1ISIAR1 01 211S9p J1aY3 s30wold AjpAiisod uoinoey syodsioy
-SI3€S S1S1IN0Y 1BY3 PUB NOMS AQ pa1daye A|qeioney 151N01 paJojdxa Ajsnoiaaid 1ISIAS1 O3 Uojeuldul
INOM® 4B Dgd pue NS ‘I 1Y) [eanal sbuipuy ay| adl €/€ 1dAB3  SIOMSIA UO S3|QRLIBA M3} B JO 1093 9} SUILUBXS 0] [9/] '[e 13 UI9ssnH /
(|erIUBISQNS SI1103)2 123lIpUl
pue 12311p aY3) sue|d [9AeI} PUB JOIARYSQ S99/ UO123]95 UOIIBUIISIP PUE JOIARYS]
S129yje 95N BIPaW [e1D0S ‘sbulpuy Yy 03 buipioddy gadl 19z 2lignday yoazd S1S1INOY S1D9)Je BIPaW [B]20S MOY 91eDIISaAUl Of [08] |e 1o paner 9
NS PUP UOIIRUIWISSSIP UOIIRULIOJUI UDaMIS]
UO[129UU0D 3yl P2IOJUIRI YNy aAldadsIad eipaw S9IWOU0D3 BulbIsWS Ul
[PIDOS DY 'SUOIUSIUI ISLINO} UO UOIIRUIWSSSIP UOI} SUOIIPUIISP |B4NJ HSIA OF SUOIIUSIUI SISIINOY
-BUIIOJUI JO 139443 3Y1 PaleIpaWl NS 1yl Punoyj sem i 9dl €991 uelsed S109)Je 2INSOdX3 UOIIeULIOjUI MOY QUIUWLIRISP O] [0Z 1] ‘| 32 Bueys kS
op ¥su panladiad
pue Ddd ‘9pnine Ing ‘pouad 6 L-aIAQD Y3 buunp [spow
UOIIUIUI [RIOIARYSQ SISHINOY UO 10edWl [BlIURISONS gd.1 2Y1 buikojdua AQ %e31gINo 6 | -SNIIABUOIOD) Sy}
OU Sey WIoU 9A3D3[gNS 1eyy 1edipul sbuipuy ay | gadl /1y elpu|  Buunp [9Ae1l 01 UOIURIUI S I9]9ARI Y alo|dxa 0 [z 1] e 18 poolns R
uelsped
Ul SUONRUIISIP ISLINOY BURISIA S1SUINOY Buouwle wsl sade|d
-IN01023 abHeINOdUS 01 AB31eIs bunasew [eubip [PIN1BU JO UOIPAISSUOD 34} pUB UO[IEINPS [RIUSW
4O SN 2Y1 1Yl papN|PUod sbulpuy ay] JOIARYSq WISI -UOJIAUD JUaWdOlASP AHIUNWWOD UO Pasndoy
-IN01023 pue sa1ba1elis buasew [elbip usamiag SeM UDIYM J0IARYS(Q WISIIN010J3 pue salba3eils bul
diysuolie|al 3yl papn|pUOD pue Paisal YdIeasal 3y 9dl 8¢ ueisied  -1aew [eubip usamiaqg diysuoneal ayi Apnis o [£8] e 18 ueyy €
SUO PIPMOID PUE [RINYND JOOPUI JDAO SIS sabueyd Yyons 01 paingiuod
PSPMOIOUN PUB [BINJRU JO0PINO 10 dUaIja.d e se (SM3IA SARY ABW 1BY] SIUSWS|S [PD19109Y3 3y} ApNis 0}
4ons ‘skem Jo A1a11eA e Ul 21042 [9AR1} S1Uspuodsal -191U] 9AIIRY[BND) F€ pUR pue diwaspued 61-JIAOD 243 Jayje pue bulnp
paI1e 6 [-IAOD IBY1 S91RIISUOWP YDIeaSai SIY | gdl  (SAdAING aAlRIUBND) €7 | eulyd paJa1je [9Ae1) Jo suiaied sidoad moy ssasse o) [oy] ‘e 19 UBy T
61-QIAOD J21Je uonu1UI SIAI 941 buikodws Aq
/S1SLIN0Y U0 109}J3 [B1URISGNS PUB 3|qRIOAR) B 9ARY 61-AIAOD 1914e UOIIRUIISSP B 01 UORUSIUI 1ISIASI DUl
1e D9d PUB NS ‘LY ‘I3 INOM® 1eU1 MOys synsai ay | ddl L0¢ eIpu]  -UluR19p Ul sAejd WOMS Jeyl 3ol ay3 azAjeue o) [e1] 1819 |y teyzy 1
1daduo) (1eaA)
synsay YZSLENT] (u) 3jdwes uoneN asoding s/ioyiny -ou‘s

uoNUAUI [elOIARYS(] PUB 3SN BIPaul [BID0S INOMS ‘ddL 01 paiejai Salpnis SNOIARL L djqeL



Azhar et al. Future Business Journal (2023) 9:36

Perceived behavioral control and post-pandemic travel
intention

Ajzen [4] identifies PBC as the third important factor in
the TPB model, which assesses the potential of a per-
son to behave in a certain circumstance. It is defined as
“the perceived ease or difficulty of doing the behavior” It
describes the requirement of available resources, money
and time [4]. The PBC assesses a person’s ability to regu-
late stimuli that either allow for or constrain the behav-
jor that is required to cope with certain circumstances
[136]. In other words, PBC should be considered to be
maximum when a person has a reasonable and accessible
number of opportunities and resources [102]. The signifi-
cance of the ability in one’s behavior to perform or inhibit
doing so, time, and other resources are actually responsi-
ble for predicting PBC [2]. It is essential for the formula-
tion and execution of the intention to perform a behavior
[4, 95]. In times of the COVID-19 pandemic, it was seen
that PBC is important for predicting the behavioral
intention of travelers [125]. Previous studies have dem-
onstrated that PBC has been shown to play a significant
role in making travel-related decisions [13, 14, 20, 61, 62,
72,79, 81, 86, 100, 122, 125, 126, 129, 146]. Therefore, the
hypothesis, based on the above discussion, is postulated
as follows:

H; Perceived behavioral control significantly and posi-
tively influences post-pandemic travel intention toward
rural destinations.

eWOM and post-pandemic travel intention

TPB relies heavily on the concept of behavioral inten-
tion since it clarifies how an individual’s behavior reflects
intention to engage in or abstain from a certain behav-
ior [4]. It is important since it shows that eWOM has an
effect on the purchase choices that individuals make [79].
The term “eWOM” is defined as “any positive or negative
statement made by potential, actual, or former custom-
ers about a product which is made available to a multi-
tude of people and institutes via the internet” [68]. The
use of eWOM in the last few years has come out to be
one of the critical factors in understanding consumer
behavior and their buying decisions [79, 98]. eWOM
is found to be more reliable and trustable with genuine
opinions in comparison with traditional word of mouth
[29, 75]. Travelers may now utilize eWOM, or electronic
traveler’s testimonials, to express their impressions of a
place online as a result of the development of the internet
and information technology [13, 14]. The construction
of a positive or negative perception of any destination
is greatly influenced by eWOM, which also aids visitors
in decision-making [21]. It is widely acknowledged as a
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major informational hub that significantly impacts tour-
ists’ actual plans and top choices of hotels, restaurants
and attractions [79, 121, 147]. The use of TPB to pre-
dict behavioral intention caused by eWOM has been the
subject of many studies in the past [13, 14, 21, 95, 106].
According to earlier studies, intention and eWOM have
a favorable relationship [11, 13, 14, 20, 66, 67, 79]. There-
fore, the hypothesis, based on the above discussion, is
postulated as follows:

H, EWOM significantly and positively influences post-
pandemic travel intention toward rural destinations.

Social media use and post-pandemic travel intention
Social media has been established as an essential online
forum in recent years for the dissemination of informa-
tion about travel, tourism and the hospitality indus-
try [13, 14, 31]. Tourism and leisure industry marketers
have taken notice of social media as a result of its rapid
growth and widespread use [96]. There has been a renais-
sance in social media recently, with countless users
sharing their experiences related to their recent visits
[21, 28, 51]. Facebook, Twitter, Instagram and YouTube,
among others, have quickly become ubiquitous online
tools for exchanging travel-related thoughts and stories
online [51]). During the most recent pandemic, COVID-
19, it has become clear that social media platforms are
an extremely effective channel for the dissemination
of information [13, 14, 87, 148] whether it is related to
normal discussions, communications during a crisis, or
decisions about travel and purchases. Social networking
sites play a crucial role in the tourism industry, especially
when it comes to planning tour arrangements [13, 13,
14, 14]. It provides a forum in which travelers may share
their opinions and facilitates conversations among them
in order to receive or disseminate information pertaining
to travel [144].

Social media and user-generated content (UGC)
through the use of smartphones have created a buzz in
tourist destination places in India over the past few years
[85, 145]. It helps in building a strong destination image
and influences the behavior of those who wish to travel
to such destinations. The use of social media has made
people technologically more aware of places and more
equipped with information about their destinations [33].
People plan their trips on the basis of information avail-
able to them through the internet [133]. Factors like tour-
ist perception, traveler participation, travel reviews and
expression of views through photograph or video uploads
on social media have a crucial role in influencing and
predicting visitors’ behavioral intentions via social media
use [30, 32]. Tourists are also willing to share their good



Azhar et al. Future Business Journal (2023) 9:36

or bad experiences with others through social media
platforms like Facebook, Instagram, etc. [26]. A number
of earlier studies have shown that the content of tourism-
related postings shared via social media platforms has a
substantial effect on the behavioral intention of tourists
[13, 13, 14, 14], [81, 111, 127]. The following hypothesis is
thus proposed based on the preceding discussion:

H; Social media use significantly and positively influ-
ences post-pandemic travel intention toward rural
destinations.

The hypotheses can be presented as shown in Fig. 1.

Research methods

Research instrument

Researchers first conducted a comprehensive literature
review, and based on that a well-structured online ques-
tionnaire was developed using a seven-point Likert scale
(where “1 =strongly disagree and 7 =strongly agree”). The
Likert scale is used to rate the extent to which respond-
ents agree or disagree with statements. It has been shown
that items rated on a seven-point Likert scale are more
accurate, simpler to operate and provide a better depic-
tion of a respondent’s genuine assessment [6, 44, 83]. In
addition to this, it has been shown that scales with seven
points on the Likert scale work best for an online sur-
vey [90]. As a result, a Likert scale with seven points was
employed in the present study, and only those items were
taken into consideration that had been published in high-
grade journals. Some minor changes have been made to
the articulation and wording of the modified items just

Attitude
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to make them appropriate to the context of the current
study. The whole questionnaire was broken up into two
separate sections. The very first section comprises ques-
tions on the demographics of the respondents, which
include “gender;” “age,” “marital status,” “education” and
“occupation” The second section includes questions that
measure the TPB’s basic constructs and two additional
constructs: SMU and eWOM. Table 2 includes a list of

the measurement items and their respective sources.

Data collection

Data were collected on a convenience basis via the use
of an online questionnaire. It is a very quick and easy
method for collecting samples [78]. In addition, online
survey is also a convenient way to get in touch with a
larger audience of similar interests [13, 13, 14, 14], [126].
In conjunction with convenience sampling, the snow-
ball sampling technique was also employed to increase
the participation rate. This is otherwise difficult to dis-
cover and identify potential respondents [36]. Research-
ers used a cross-sectional method for data collection.

Table 2 Questionnaire items Source: The authors

Construct No. of items Sources

AT 4 Sparks and Pan [124], Zhang et al. [150]

SN 4 Sparks and Pan [124], Lin et al. [97]

PBC 3 Sparks and Pan [124], Han et al. [65]

Bl 4 Bagozzi et al. [16], Fielding et al. [42], Han
etal. [65]

SMU 4 Ellison et al. [39]

eWOM 4 Bambauer-Sachse and Mangold [17]

Post Pandemic

Subjective Norm

Perceived
Behavioral
Control

I:I — Reflects TPB (Ajzen, 1991)

Fig.1 ...

Travel Intention

T 1 .
| I4> Reflects extension to TPB
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Using this method, data are collected from a number of
distinct people at the same instant in time [119]. Before
disseminating the questionnaire, it was decided to carry
out a pilot test with a total of thirty participants to guar-
antee that the questions and language were uncompli-
cated and simple to understand for the respondents.
After the pilot test yielded results that were accurate and
acceptable, the link to the google form was uploaded on
the social media websites of travel agencies from Sep-
tember 15, 2022 to October 31, 2022. The reason for
choosing this time period lies in the fact that there was
a notable decrease in the percentage of active cases that
were COVID-19 positive as well as the overall number of
current cases throughout the nation was also declining
(The [131], Financial [43]) and the country had resumed
all of the activities (The [131]). The google form link of
the questionnaire was disseminated via the social media
sites of some of the most well-known travel agencies,
viz. “TravelGuru,” “Expedia,” “Goibibo,” “Thomas Cook,’
“MakeMyTrip” and “Yatra.com” (Indian [77]). These are
the leading travel agencies in India, contributing signifi-
cantly to the economic growth and development of the
country (Indian [77]). The target population of the study
were Indian social media users who follow social media
web pages of travel agencies. During the designated time
period, a total of 354 responses were obtained; however,
due to missing values, the researchers had to exclude 49
of those responses. Hence, a total of 305 responses that
were considered to be legitimate were taken into consid-
eration for final analysis.

Data analysis

Following the procedure outlined by Anderson and Ger-
bing [9], the researchers first employed CFA to determine
the validity and reliability of the measurement model.
CFA technique provides researchers with extensive tools
for analyzing and upgrading theoretical models, which
is one of the key reasons for employing this process [19,
23, 82]. After it was shown that the measurement model
met the requirements, SEM was used in order to vali-
date the assumptions and determine whether or not the
suggested model was suitable. In SEM, several different
indicators are utilized to quantify these latent variables,
which might result in measurement errors. Therefore,
SEM is the most important tool for analyzing and com-
prehending the connections between latent variables [25,
37, 52] and is determined to be relevant for the present
study. A sample size of 1:10 is regarded adequate when
utilizing SEM [53, 130, 143]. In addition, Comrey [34]
recommended that a sample size of 300 is suitable for the
purpose of carrying out factor analysis. In addition, Gor-
such [49] proposed that to do factor analysis, the ratio
of participants to items should be either 5:1 or 10:1. The
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overall number of items in this study is 23, compared to
the 305 participants in the sample. The number of partic-
ipants in relation to the number of items is much higher
than the suggested ratio. Consequently, the present
study’s sample size (305) meets the criteria stated earlier
and is adequate enough to let both factor analysis and
structural equation modeling be carried out.

Results

Demographic profile of respondents

The participants of the present study were inbound tour-
ists in the Indian context who intended to visit rural
destinations in the post-pandemic period. It is evident
from Table 3 that 65.6% of the respondents are male,
while 34.4% are female. As many as 33.1% of the survey
respondents come from the age group of 28-37, followed
by 18-27 (22.6%). 57.4% of the respondents are married,
and 37% of the respondents have acquired a postgradu-
ate degree. The majority of those who participated in the
survey are employed (38.7%), while 28.9% of the respond-
ents are students. Please refer to Table 3 for more detail.

Descriptive statistics

All variables have standard deviations between 1.12137
and 2.02927, while the mean values vary from 4.1688 to
5.1821. Among all the variables, BI has the greatest mean
value (5.1821), whereas SMU has the lowest (4.1688).

Table 3 Respondents'profile (n=305) Source: Primary data

Demographic variable Sub-variable Frequency Percent
Gender Male 200 65.6
Female 105 344
Age Below 18 13 43
18-27 69 226
28-37 101 33.1
38-47 67 22
48-57 32 10.5
Above 57 23 7.5
Marital Status Single 98 321
Married 175 574
Others 32 10.5
Education Undergraduate 35 11.5
Graduate 99 324
Postgraduate 113 37
PhD 15 5
Others 43 14.1
Occupation Student 88 289
Employed 118 38.7
Retired 19 6.2
Businessperson 71 233
Others 9 29
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Similarly, the resulting standard deviation is greatest for
SMU (2.02927) and lowest for PBC (1.12137). Detailed
information is given in Table 4.

Measurement model

AMOS 22 was used for the CFA that determined the
component structure and validated the scale [22].
Researchers used CFA to analyze “convergent and discri-
minant validity conceptually” [81]. Khan et al. [87] state
that convergent validity shows whether there is a sig-
nificant correlation between the components of a meas-
ure. There are three requirements that must be met to
ensure convergent validity [46]. To begin with, there is
a requirement that all loadings on factors be more than
0.70. As for the second, composite reliability (CR) has to
be more than 0.70 ([15, 35, 41, 58]), and last one is that
the AVE for each construct must be more than 0.50 ([46,
58, 112]). Cronbach’s alpha must also be higher than 0.70
[112]. The present study was able to achieve those thresh-
old limits, which are as follows: The factor loading runs
between 0.755 and 0.946, the CR ranges between 0.901
and 0.958, and the AVE ranges between 0.735 and 0.850.
In addition, CR must have a higher value than AVE. The
conditions for convergent validity were, therefore, fully
met. Nonetheless, the researchers assessed discriminant
validity by determining whether AVE was higher than
MSV. Within the scope of this study, the AVE values for
all latent variables exceeded the MSV values. Hence, dis-
criminant validity was also met in the present study. For
detailed information, see Table 5.

To what extent do the measures of various concep-
tions vary from one another and have no commonalities
is what is meant by the term “discriminant validity” [87].
If the AVE is more than the square of the coefficient in
each dimension and demonstrates how each dimension
relates to the others, then discriminant validity is pre-
sent [46]. Results showed that the total AVE value for all
related constructs exceeded the square of the correlation
between them. Discriminant validity was therefore estab-
lished for the constructs used in the present study. Please
refer to Table 6 for more detail.

Table 4 Descriptive statistics Source: Primary data

Construct Mean SD

AT 5.1664 14252
SN 4.6827 1.3227
PBC 4.9371 11214
Bl 5.1821 1.5746
SMU 4.1688 20293
eWOM 48117 1.3407
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Structure model

The qualitative evaluation process uses the measure-
ment model to establish the constructs’ validity and reli-
ability [69]. Thus, the researchers first used CFA in order
to determine whether the hypothesized relationships
between sets of variables were inevitable. The prelimi-
nary CFA results indicate a good model fit for the follow-
ing indices (Table 7):

A few indices are produced by CFA statistics. Chi-
square (CMIN/DF) analysis provides insight into the
unique observed and projected covariance matrices
which is 2.883. The absolute fit measure was assessed
using CMIN/DF and RMSEA. Specifically, if CMIN/DF is
less than 3 and RMSEA is less than 0.08, the fit is consid-
ered satisfactory, as per Kline [89]. In the present study,
both indices are under the threshold limit. An incremen-
tal fit analysis was performed with the following indi-
ces: GFI=0.901, TLI=0.928, CFI=0.939, NFI=0.911,
IFI=0.940 and RFI=0.900. Values of such indices greater
than 0.80 are also considered acceptable, while a value of
0.90 is preferred [101, 104, 107, 142]. MacCallum et al.
[101] state that an RMSEA of 0.08 or less indicates a
mediocre fit. Please refer to Table 7 for more detail.

Hypotheses testing
It was analyzed to determine whether or not the hypoth-
esized relationships between the components in the con-
ceptual model were supported by the evidence provided
by the measurement model’s reliability and validity. The
standardized path coefficients and significance levels
are two measures that were used to evaluate the quality
of the inner model [57]. In order to assess the validity of
the hypotheses that were presented, SEM path analysis
was carried out (H,, H,, H;, H, and H;). The path coef-
ficient (Fig. 2 illustrates the magnitude of the association
between the two hypotheses. Each of the five hypotheses
is supported; hence, they are all accepted. All three of
the TPB’s core constructs, AT (5=0.397, t-value=9.531,
p<0.001), SN (5=0.247, t-value=5.918, p<0.001) and
PBC (8=0.128, t-value=3.062, p=0.002) are found to
be statistically significant and positively affect post-pan-
demic travel intention toward rural destinations. Fur-
ther, both SMU (5=0.484, t-value=11.613, p<0.001)
and eWOM (=0.426, t-value=10.240, p<0.001) have a
significant and positive impact on post-pandemic travel
intention toward rural destinations. All five hypotheses
(H,, Hy, H;, H, and H;) are thus acknowledged as con-
sistent with the data and are accepted. Please refer to
Fig. 2 and Table 8 for more detail.

The findings illuminate all of the constructs that were
under consideration, viz. AT, SN, PBC, SMU and eWOM
significantly predict post-pandemic travel intention
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Table 5 Results of confirmatory factor analysis Source: Primary data
a Items Factor loading AVE MSV CR Cronbach
Attitude 0811 0.191 0.944 0.944
AT1 0913
AT2 0.894
AT3 0.905
AT4 0.888
Subjective norm 0.736 0.071 0917 0913
SN1 0.898
SN2 0.922
SN3 0.930
SN4 0.755
Perceived behavioral control 0.752 0.097 0.901 0.901
PBC1 0.888
PBC2 0.891
PBC3 0.894
Behavioral intention 0.735 0.193 0917 0.923
B 0.853
BI2 0.829
BI3 0.852
Bl4 0.809
Social media use 0814 0.192 0.946 0.946
SMU1 0913
SMU2 0912
SMU3 0.809
SMu4 0.906
eWOM 0.850 0.031 0.958 0.958
eWOM1 0.938
eWOM2 0.937
eWOM3 0.946
eWOM4 0.930
Table 6 Discriminant validity Source: Primary data
AT SN PBC Bl SMU eWOM
AT 0.900
SN 0.169 0.858
PBC 0.268 0.124 0.867
Bl 0437 0.266 0311 0.857
SMU 0.005 0.085 0.159 0.439 0.902
eWOM 0.005 0.047 0177 0.025 0.112 0.922

The square root of AVE is shown in bold and diagonally

toward rural destinations. These factors explained
approximately 53% (R’>=0.529) of the variance in the
post-pandemic travel intention toward rural destinations.

Among all the studied constructs, SMU came out as
the most influential and strongest predictor of post-pan-
demic travel intention. This finding is different from the
outcome of Joo et al. [81], which shows an insignificant

association between SMU and travel intention. eWOM
was the second most influential and strongest predic-
tor of post-pandemic travel intention after SMU. This
outcome aligns with the findings of Aviana and Alversia
[12], Prayogo and Kusumawardhani [115]. AT came out
as the third most influential predictor of post-pandemic
travel intention. This outcome is opposite to the findings
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Table 7 SEM fit indices Source: Primary data
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Fit Indices Threshold values Observed values

Sources

Absolute fit indices

Wheaton et al. [142], Kline [89], MacCallum et al. [101], Byrne [24], Hair
et al. [54], Miles and Shevlin [107], McDonald and Ho [104], Hu and Bentler
[74]

CMIN/DF <3 2.883
RMSEA <0.05,<0.08 0.079
Incremental fit indices
CFl >0.90 0.939
TLI >0.90 0.928
GFI >0.90 0.901
NFI >0.90 0911
IFI >0.90 0.940
RFI >0.90 0.900
Attitude
0.397*** >
(9.531) (R* =0.529)
. 0.247*** Post Pandemic
Subjective Norm (5.918) > Travel Intention
0.128**+ 7 //
(3.062) |
f /
Perce{ved ;7 0.484%**
Behavioral 0.426*** (11.613)
Control (10.240) /
/7
/ /
/ /
/
___________ 7 ————d
I : / I :
: eWOM : Social Media Use |
Lo Lo
—_————
I:I — Reflects TPB (Ajzen, 199l)i I — Reflects extension to TPB
Fig. 2 Structural model and hypotheses
Table 8 Summarized hypotheses Source: AMOS Output
Relationship Std. 8 t-value P-value Results
BI « AT 0.397 9.531 *x% Supported
Bl « SN 0.247 5918 xxx Supported
Bl - PBC 0.128 3.062 0.002 Supported
BI « SMU 0484 11.613 xxx Supported
BI « eWOM 0426 10.24 *xX Supported

***Significant at the 0.01 level

of Joo et al. [81], which show an insignificant association
between attitude and travel intention. It was found that
SN also has a significant influence on post-pandemic
travel intention to rural destinations. This outcome aligns

with the findings of Shang et al. [120] and Joo et al. [81].
The influence of PBC on post-pandemic travel intention
was found to be the least as compared to other predic-
tors, while in some previous studies, the effect was strong
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[81, 120]. The possible reason for these outcomes being
different from the findings of previous studies could be
because of different context. As a developing country,
India has different socio-cultural and economic condi-
tions than its developed counterparts, and the infrastruc-
tural facilities in India are also inadequate. Because of
these factors, the influence of AT, SN and PBC could be
different.

Discussion

The present study intended to understand how social
media use and eWOM influenced post-pandemic travel
intention toward rural destinations using the TPB. This
study represents a significant advancement in the expan-
sion and development of existing literature on tour-
ist behavior, particularly with regard to overall tourist
behavior [63]. This particular study provides valuable
insights regarding post-pandemic travel intentions while
expanding the TPB model through the inclusion of SMU
and eWOM. This study could be distinguished from ear-
lier research in many ways. First, the TPB model has been
expanded, including two additional constructs, social
media use and eWOM, which greatly improve the predic-
tive power of the original TPB model. Second, by look-
ing at post-pandemic travel intentions through the lens
of TPB, which is a unique combination of the constructs,
this research adds to the discussion of rural destinations,
SMU and eWOM. Third, no study has been conducted
in the Indian setting that has evaluated the impact of the
TPB model, SMU and eWOM on post-pandemic travel
intentions toward rural destinations. Fourth, there is a
nascent but growing body of research on rural tourism
in India. Hence, the present study addresses this gap by
examining post-pandemic travel intentions and SMU in
promoting rural tourism.

The present study examined the accuracy of a meas-
uring model for reflective constructs by analyzing its
“internal consistency, reliability, convergent validity
and discriminant validity” [56]. Once the measurement
model was confirmed, the assumptions were tested using
the structural model. The proposed model explained
approximately 53% (R?>=0.529) of the variance in post-
pandemic travel intention to rural areas. This value was
more than the minimum cut-off limit of R2=25% [55].
As a result, the model has an exceptionally high level of
predictive relevance. Moreover, Armitage and Conner
[10] state that “from a database of 185 independent stud-
ies published up to the end of 1997, the TPB accounted
for 27% and 39% of the variance in behavior and inten-
tion, respectively,” and this study reports a variance of
53% in the post-pandemic travel intention toward rural
destinations. Consequently, the validity of the expanded
TPB model has been shown to have been confirmed by
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this research. In addition, 5000 repeats of nonparametric
bootstrapping were employed to test the hypotheses [55].
As a consequence of this, all five hypotheses, from H; to
H;, were confirmed.

It is evident from the findings that out of all the model
constructs, SMU is the most powerful and influen-
tial predictor of post-pandemic travel intention toward
rural destinations, followed by eWOM, AT, SN and PBC,
respectively. It has also been found that the original
components of the TPB model, AT, SN and PBC have a
considerable impact on post-pandemic travel intention
toward rural destinations.

Post-pandemic travel intention is significantly and posi-
tively affected by AT (8=0.397, t-value=9.531, p<0.001).
This outcome is in accordance with earlier research [13,
14, 81, 105, 122, 125, 126]. It could be inferred from this
finding that tourists have a positive outlook toward rural
destinations in the post-pandemic period. Also, accord-
ing to Sparks [123], “this is a pull-related notion that
helps one maintain an optimistic attitude en route to a
destination” As a result, it may be deduced that tourists
have an optimistic attitude toward rural destinations and
intend to visit rural places after COVID-19.

SN also significantly and positively influences post-
pandemic travel intention toward rural destinations
($=0.247, t-value=5.918, p<0.001). This outcome is in
accordance with earlier research [13, 14, 62, 81, 86, 122,
126, 146]. The possible explanation of SN to be significant
could be that people are more likely to take others’ rec-
ommendations into account when making travel plans in
the wake of a pandemic. Due to the quick-moving nature
of data about COVID-19, tourists have a greater propen-
sity to gravitate toward referent others. One further argu-
ment that might account for this is that when faced with
a decision-making dilemma, Indians have a greater pro-
pensity to consult with one another. In India, decisions
are often made using a collectivist cultural approach. A
significant chunk of the participants in this survey is stu-
dents. Since the opinions of referent others readily sway
students, this could be one of the possible reasons for SN
coming out as a powerful predictor of post-pandemic
travel intention.

PBC also significantly and positively influences post-
pandemic travel intention toward rural destinations
($=0.128, t-value=3.062, p=0.002). This outcome is in
accordance with earlier research [20, 62, 81, 86, 122, 146].
In this specific study, 65.6% of the participants are male,
33.1% are between the age of 28 and 37, and 32.1% have
never been married. They are equipped with the neces-
sary education to make their decisions on travel. As a
result, it can be deduced that tourists do not believe that
any barrier, whether related to education or another, pre-
vents them from traveling to rural destinations after the
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pandemic. Moreover, tourism is an indispensable aspect
of modern society, without which individuals would be
unable to thrive. It requires various resources, viz. time,
money, knowledge etc., to prepare a trip which makes
an individual capable or incapable of visiting a particular
destination.

In addition to the TPB’s core constructs, eWOM
(5=0.426) was the second most significant factor of
post-pandemic travel intention toward rural destinations
regarding its predictive power. This outcome is in accord-
ance with the findings of Azhar, Alj, et al. [13] and Jal-
ilvand and Samiei [79]. The possible explanation of this
could be that to make post-pandemic travel decisions,
tourists are more likely to consult eWOM in order to
choose a tourism destination that is safe and secure. The
formation of behavioral intention is largely influenced by
a variety of factors, including “online ratings and reviews,’
“referrals and recommendations” and “online forums and
communities” When it comes to selecting a destination
that is safe and secure, tourists put a greater emphasis on
eWOM. As a result, eWOM emerged as the factor with
the highest predictive power of post-pandemic travel
intention.

SMU (8=0.484) was revealed as the most important
and greatest predictor of post-pandemic travel inten-
tion toward rural places. This outcome is in accordance
with the results of [14]. One potential explanation is that
the rise in popularity of social media in recent years has
attracted the attention of vacationers as they consider
various aspects of their trips.

Conclusion

India is a growing South Asian nation with a very differ-
ent culture and way of expressing emotions than those
studied in earlier research. As a result, the TPB’s appli-
cation in the South Asian area sheds new light on the
model and provides new opportunities for research-
ers to investigate the TPB’s impact in more depth. This
research adds to and broadens our understanding of the
tourism industry generally by focusing on a developing
country like India. Previous tourism research tended to
focus on the developed world. Research conducted in
one nation may not be generalized to other nations if the
people there have different tastes and expectations based
on a shared cultural or social standard. The findings of
this research could be beneficial for social media adver-
tisers and managers at both local and global levels who
aim to target tourists and shape their inclination toward
traveling. Further, these findings could be advantageous
for individuals involved in managing rural tourism des-
tinations, travel services, travel consultancy providers,
and other related hospitality service providers. Enhanc-
ing comprehension and further developing the insights
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acquired from this research would enable stakehold-
ers within the tourism sector of the nation to formulate
effective strategies aimed at attaining a competitive edge
within this profitable industry.

Theoretical implications

This study extends the scope of prior work that has used
the idea of planned behavior in the field of rural tourism.
The findings of this research have significant implications
for the fields of rural tourism and post-pandemic travel
intention by testing and validating the widely used TPB
model with the inclusion of social media use and eWOM
as additional constructs. This study lays the theoretical
foundation for analyzing post-pandemic travel inten-
tions in the context of rural tourism. From a psychologi-
cal and technological standpoint, this study shows that
the TPB model is relevant from the perspective of ICT.
First, it integrates social media use and eWOM with the
TPB model, expanding the previous research on post-
pandemic travel intention toward rural places. This study
is novel since it is the first of its kind to apply the TPB
model to assess post-pandemic travel intentions to rural
destinations in the Indian context, combining SMU and
eWOM with the TPB. This work addresses a gap in the
literature by providing sound theoretical backing for
subsequent researchers and academicians. Second, the
findings support the importance of eWOM and SMU in
the TPB model for a holistic comprehension of the ele-
ments that influence potential travelers’ choices in the
post-pandemic era. Finally, the augmented model clari-
fies the interplay between SMU and eWOM by outlining
the factors influencing people’s travel decisions after a
pandemic.

Practical implications

The results of this research have a number of manage-
rial and practical ramifications. The findings that pertain
to social media use and its influence on post-pandemic
travel intention have significant ramifications for busi-
ness managers. This is because social media use impacts
tourists’ behavioral intention toward rural destinations.
The enormous influence that social media use has on the
behavioral intention of tourists emphasizes how impor-
tant it is for business managers to take social media into
serious consideration in order to sustain the tourism
business in the post-pandemic period. Since social media
has such a profound effect on consumers’ propensity
to act, it is crucial to be current in providing pertinent
information and to be easily visible in such tourist infor-
mation searches. The results may be useful for local social
media marketers who want to influence the decision-
making process of tourists toward a destination. In par-
ticular, this study’s results may be valuable to people in
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the hospitality business who provide services to tourists
in rural tourism destinations. This includes tour opera-
tors, hotels and travel agencies, among other potential
service providers. Findings from this study might inform
new policies, plans and strategies for the travel, tourism
and hospitality industry in the nation, better meeting the
needs of visitors from rural areas. Marketers need to rec-
ognize the value of social media, and they need to place a
greater focus on the quality of the content that is posted
on social media platforms in order to have a significant
influence on the minds of consumers.

Results also showed that eWOM significantly influ-
enced post-pandemic travel intention to rural areas.
Therefore, efforts should be made to encourage positive
eWOM among tourists about the rural destination. As
a result, online marketers should pay careful attention
to this particular area of concentration. In this context,
businesses that provide services linked to travel and tour-
ism need to strongly emphasize collecting timely feed-
back about their products and services to raise the bar
for the quality of such offerings so that positive eWOM
could be generated among tourists.

The third most crucial aspect in deciding post-pan-
demic travel intention is one’s attitude toward visiting
rural areas. As a result, industry practitioners and mar-
keters should make an effort to comprehend the elements
that influence the attitude expressed on social media and
adapt their marketing and promotional strategies appro-
priately. For this reason, it is possible to declare that in
order to boost rural tourism, marketers should empha-
size content over social media that forms an optimistic
attitude toward rural destinations. Marketing strategies
should be developed in such a manner that they may fos-
ter the social disposition and attitude of users and then
explain the practical benefits of rural tourism rather
than focusing only on the appeal of particular tourist
sites. Additionally, as a growth objective, tourist agencies
and experts should take a stand to protect the environ-
ment and local culture. This should be a priority for the
tourism industry. The only way to guarantee that local
resources will remain valued, the needs of rural visitors
will be addressed, and rural tourism will continue to
grow is to cultivate it in a manner that does not hurt the
ecosystem of surroundings.

Limitations and future research directions

The current research aimed to utilize TPB as a lens to
investigate post-pandemic travel intentions toward rural
places in the Indian setting by adding two new com-
ponents, namely SMU and eWOM. Although render-
ing several limitations, this study paves the ground for
future research. First, this study used the TPB model to
understand whether or not tourists would be interested
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in traveling to rural destinations in the post-pandemic
period. In further research, other behavioral theories, such
as behavioral reasoning theory (BRT) may be used to bet-
ter predict travel intentions. Second, social media use and
eWOM were considered to be additional constructs to
the TPB model. In further research, it could be possible to
examine travel intention by using other constructs, such as
user-generated content (UGC) and the quality of content.
Third, this study is of cross-sectional kind in its design. To
get more robust findings in subsequent studies, a longitu-
dinal study design could be used. Fourth, this study used
a questionnaire method to collect the data. In subsequent
research, a variety of methods for data collection could be
used, such as the interview approach. Fifth, the inferences
were drawn on the basis of 305 responses. In subsequent
studies, larger sample sizes could be used in order to get
generalized conclusions. Last, the context of this study is
India which is a developing country. Future studies could
be conducted in other developing/developed countries.
This practice could produce different results.
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