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Abstract 

One of the most important challenges for decision-makers and investors is location selection, which may be assessed 
using multicriteria decision-making (MCDM) methodologies. Problems with picking a location include deciding 
between alternative locations, analyzing alternatives, and identifying the best location for a hospital. Because they 
analyze options with multiple perspectives in terms of numerous competing criteria, MCDM approaches are use-
ful instruments for solving decision-making challenges. The fuzzy set theory (FST), which represents uncertainty in 
human beliefs, may be effectively used with MCDM approaches to produce more sensitive, tangible, and accurate 
findings in this context. A hybrid fuzzy multi-criteria decision model (FMCDM) is proposed to find the optimal location 
based on a combination of factors. In the first stage, the Fuzzy Analytical Hierarchy Process (FAHP) is used to estimate 
the relative criteria classification through the evaluation process. In the second stage, the fuzzy technique of order 
preference using similarities to the perfect solution (FTOPSIS) is applied to rank the possible alternative sites. The find-
ings from this study indicate that integrate FAHP and FTOPSIS is the most often used FMCDM approach in Aleppo for 
selecting the best location for a new hospital.

Keywords TOPSIS, AHP, Fuzzy logic, Location, Uncertainty—multicriteria decision-making

Introduction
A decade after the beginning of the Syrian crisis in 2011, 
the country’s healthy sector is facing many challenges 
and obstacles where Many hospitals have been destroyed 
were forced to considerably reduce their operations as a 
result of the destruction of the infrastructure of most of 
the healthy sector and lack of resources [2]. Where the 
Syrian crisis has increased vulnerability and the preva-
lence of impairment, there are a tremendous number of 
war-born injuries that is considered as a problem in both 
sectors of health and socioeconomics. By the end of 2015, 

out of 113 assessed public hospitals under the Ministry 
of Health MoH and Ministry of High Education MoHE, 
50% were reported fully functioning, 28% were reported 
partially functioning, while 28% were reported nonfunc-
tioning as a result of its destruction; this shows the dete-
rioration of the national health centers and the quality of 
services provided which increases the pace of the transi-
tion from injury to impairment and disability.

By the end of May 2018, the mentioned results of 
the situation of hospitals are almost the same [3]; this 
shows the deep damage left by the crisis. Access to 
health hospitals and the ability to provide required 
services who citizens face as a result of the crisis. 
Moreover, with the spread of the corona virus since 
its discovery near the end of 2019, in Wuhan, China, 
COVID-19 has expanded to several countries; COVID-
19 has been declared an extraordinary health calamity 
and a worldwide epidemic by WHO. The COVID-19 
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epidemic has had a huge effect on people’s lives, put-
ting social life and public health in jeopardy and push-
ing economies into a tailspin [110].

All of that has created several issues for the health 
industry in general, and hospitals in particular, includ-
ing a lack of supplies, equipment, human resources, and 
space, as well as placing strain on the whole healthcare 
system [62]. Each country has attempted various strat-
egies to handle the challenges in its hospitals. During 
the epidemic, some countries, like as China and Turkey, 
erected emergency hospitals, while others, such as Spain, 
the USA, Brazil, and India, converted stadiums, dorms, 
and hostels into temporary pandemic hospitals, while in 
Syria, some hospitals have turned venues. With the dete-
rioration of the Syrian situation and facing more chal-
lenges in general and in the health aspect in particular, 
the shortage of hospitals qualified to receive patients and 
with the high costs of treatment in the remaining private 
hospitals and the deterioration in the quality of health 
services provided, this is what prompted decision-makers 
in the health sector to contribute to the decision-making 
process, concerning identifying new sites for building 
new hospitals capable of solving even part of the prob-
lems faced by the health sector.

However, the decision-making process is a scientific 
way to assessing the possibilities for overcoming negative 
challenges that arise in the functioning of any institution 
and picking the best option among these options. When 
it comes to making decisions, the modern approach to 
operating a corporation necessitates the application of 
scientific methodologies that are upgraded and appro-
priate for today’s situations. Making correct judgments 
necessitates a thorough understanding of the system in 
which issues occur, as well as the development of a trust-
worthy mathematical model (algorithm) that accurately 
depicts the problem or problems. The range of scientific 
methodologies utilized in decision-making processes is 
now seen to be the secret of business success. Further-
more, quick changes and competitive conditions make 
it necessary to work together to solve difficulties and to 
employ current technical procedures [37].

Site selection, which provides a systematic framework 
for establishing the norms and criteria for the geographi-
cal placement of production, commerce, and service 
activities, is relevant in this context and has been identi-
fied as a key research theme, attracting a growing num-
ber of researchers and decision-maker from numerous 
scientific disciplines. Furthermore, because of its con-
siderable and long-term implications on commercial 
risks, expenses, and revenues, site selection is one of the 
most essential strategic business choices [58]. Select-
ing a particular hospital location requires considering 
many potential criteria, such as investment cost, human 

resources, availability of acquirement material, and mar-
ket condition [104].

Multiobjective decision-making and multiattribute 
decision-making (MADM) are two of the model’s issues 
[49]. Because it involves concerns from several domains 
and there are multiple, often opposing stakeholders 
to consider, hospital site selection can be regarded as a 
multi-criteria decision-making (MCDM) problem [27]. 
This paper introduces a multi-criteria decision-making 
(MCDM) method for selecting the optimum option from 
a set of options by weighing many criteria [56].

The multi-criteria decision-making (MCDM) 
approach, which encompasses several approaches, has 
been used to examine the bulk of site selection difficul-
ties like analytical hierarchical process (AHP), Analytical 
Network Process (ANP), Decision Making Trial and Eval-
uation Laboratory (DEMATEL), Technique for Order 
Preference by Similarity to an Ideal Solution (TOPSIS), 
VIsekriterijumska optimisacija I KOmpromisno Resenje 
(VIKOR), and others. Soft computing techniques includ-
ing Multi-Objective-Decision-Making (MODM), fuzzy 
sets, the analytic method, mixed integer/linear integer/
goal programming, cluster analysis, and others were also 
applied [60].

Although there are many evaluation techniques, the 
MCDM model is a well-liked strategy that is success-
fully applied in many sectors for optimal site deci-
sion-making under several competing criteria. This 
approach is crucial in management science, which 
can improve service quality and aid in hospital rank-
ing [105]. Due to their ability to resolve complicated 
problems that concurrently signify qualitative and 
quantitative evaluations of the criteria, two strategies 
are typically utilized in MCDM-based methods to con-
struct a more accurate decision-making structure to 
evaluate and choose the ideal site [18, 101]. The ana-
lytical hierarchy process (AHP) and the TOPSIS tech-
nique for ranking preferences according to how closely 
they resemble the ideal answer are two among them 
[67]. The following list outlines the overall structure of 
studies using the MCDM approach. First, the alterna-
tive possibilities and the standards for judging them are 
put forward. Then, using the AHP technique, the cri-
teria weights against choices are determined based on 
the influent coefficients of each criterion in contrast to 
others. Finally, these criteria weights can be used using 
TOPSIS [94] to rank alternative solutions. Additionally, 
the combination of fuzzy AHP and fuzzy TOPSIS has 
developed into a powerful tool for combining several 
options into the choice that meets the requirements the 
best [81]. The fuzzy approach makes it easier and more 
accurate to calculate the score of the criteria weights 
than previous methods do. Only experts or managers 
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need to perform qualitative evaluations. Fuzzy sets are 
used to digitize the relative influence of one criterion 
on another, while the criteria are compared in pairwise 
comparisons. As a result, this approach can aid experts 
and investors in avoiding ambiguity and confusion dur-
ing decision-making [75]. Numerous studies based on 
the merging of two AHP and TOPSIS methodologies in 
the fuzzy environment have been carried out to address 
difficult issues.

In fuzzy MCDM methods, the main reason of using 
FTOPSIS as basic technique is that fuzzy TOPSIS 
method has been used to address a variety of matters, 
including facility selection [21], choosing between 
computer-assisted manufacturing systems [9], plant 
location selection [104] measuring quality of service 
in the hotel industry for selecting priority services [8], 
evaluating initial training airplanes under a fuzzy envi-
ronment [95], Weapon selection [24], suppliers selec-
tion [61, 73], Location Selection of Shopping Malls 
[37], in rising economies, choosing a bearable site for 
a waste electrical and electronic equipment recycling 
facility [60] as shown in Table 1. 

In the tourist sector, Baki et al. recommended a fuzzy 
AHP-TOPSIS model to increase hotel website operat-
ing efficiency by boosting competition, brand value, and 
consumer volume [75]. Given the priority solutions for 
reverse logistics barriers that were also implemented 
by the same tools, this can assist in identifying the best 
third-party logistics (3PL) for cold chain management 
[13, 86]. The fuzzy AHP-TOPSIS model also looked at 
the other issues, such evaluating sustainable urban devel-
opment in an emerging economy. Additionally, the other 
aspects were investigated by this fuzzy AHP-TOPSIS 
model, such as assessing sustainable urban development 
in an emerging economy [25], evaluating the mainte-
nance factors that affected sustainable manufacturing 
[46]. According to a review of the above studies, it can 
be seen that the hybrid MCDM method was effectively 
applied in decision-making regarding the optimum site 
selection in varied sectors.

However, the related literature on choosing the most 
potential site of hospital in Aleppo is unavailable, and 
this has not been fully researched and exploited to date. 
For this reason, the Fuzzy AHP and Fuzzy TOPSIS 
method are integrated to address our concerns regarding 

Table 1 Applications of fuzzy TOPSIS

Application Contributor(s)

Evaluation of airline performance Wang [96]

Bridge risk assessment Wang and Elhag [97]

Evaluating environmental performance of suppliers Lin and Chang [65]

Considering the advantages of shopping websites in terms of competition Sun and Lin [91]

Evaluating performance of traffic police centers Sadi-Nezhad and Khalili Damghani [84]

Evaluating software development projects Büyüközkan and Ruan [10]

Initial training aircraft Wang and Chang [95]

Inter-company comparison Deng et al. [28]

Marketing examination and selection of middlemen Dikmen and Say [30]

Measuring flexibility of computer integrated manufacturing systems Kahraman et al. [48]

New product introduction Liao et al. [64]

Personnel selection Kelemenis and Askounis [55]

Selection of planning and design tenders in public office buildings Hsieh et al. [44]

Plant layout design problem Yang and Hung [101]

Plant location selection Yong [104]

Project risk assessment Ebrahimnejad et al. [34]

Oil-field development project selection Amiri [5]

Deployment of quality functions Kavosi and Mavi [53]

Rapid prototyping process selection Byun and Lee [11]

Robot selection Dutta and Borah [33]

Strategic management decisions Emami et al. [36]

Green Supplier Selection Doğan et al. [31]

Trans-shipment site selection Önüt and Soner [72]

Vessel selection problem Yang et al. [102]

Warehouse location selection Ashrafzadeh et al. [6]
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this problem. The study aims to efficiently assist inves-
tors or decision-makers in the evaluation and selection of 
suitable hospital locations in Aleppo. The literature pro-
cedure is organized as follows. Firstly, an evaluation of 
the criteria weightings is conducted using the fuzzy AHP 
method based on experts’ opinions combined with a lit-
erature review. Next, the alternatives to the healthy site 
are ranked by applying fuzzy TOPSIS. The model’s result 
assists investors in further development, based on the 
priority ranking of the hospital sites.

Moreover, strengthening these results using sensitivity 
analysis and review 12 cases in which the weights (input 
data) were changed, the results were drawn, and the main 
results extracted from the use of the fuzzy TOPSIS tech-
nique were strengthened and contribute to providing a 
framework for decision support to address the problem 
of choosing the location of the temporary hospital in a 
cloudy environment of uncertainty. We presented a gen-
eralization of TOPSIS in an ambiguous environment and 
the use of the proposed technique in selecting the opti-
mal site for hospital construction in Aleppo, a Syrian 
governorate according to a set of criteria.

The remaining portions of the paper are divided into 
five categories. The literature review examines in the next 
section. In section "Methodology" describes the method-
ology, and the results and discussion section describes in 
the section "Results and discussion." The paper comes to 
a close with the conclusion.

Literature review
This section reviews prior research on selecting opti-
mal location for building hospitals in Aleppo built on a 
set of criteria. The primary objective of this research is 
to develop a mathematical model capable of dealing with 
incomplete or inaccurate data and arriving at suggested 
solutions in which the decision-maker is an essential part 
of the decision-making process. There are three sections 
to this literature review. The first portion goes through 
the fundamentals of decision making and basic require-
ments for decision making. The second section discusses 
the process of location selection. Finally, the importance 
of multi-criteria decision-making (MCDM) is discussed 
in the last one.

MCDM literature
An overview of the main characteristics of MCDM meth-
ods and challenges is given in this subsection.

A typical MCDM challenge entails selecting the best 
option from a set of workable options that have been 
assessed using a variety of competing quantitative and 
qualitative criteria. Assume a decision-maker (DM) is 
asked to rank n alternatives (also known as options or 
choices), i.e.,A1,A2,A3, ...,An , according to m criteria, 

i.e.,C1,C2,C3, ...,Cm . Assuming that j is the relative 
weight of Cj, with j > 0 and mj = 1j = 1 , let xij be the 
score of Ai(i = 1, 2, ..., n) on the criteria Cj(j = 1, 2, ...,m) . 
Now, the decision matrix below can be used to represent 
this MCDM problem.

The problem definition, alternative selection, criterion 
selection, decision matrix creation, weight elicitation 
(determining the weight of the criteria), and alternative 
ranking are generally the primary steps of MCDM tech-
niques. The decision criteria are frequently divided into 
two categories: benefit criteria, where the performance 
improves with increasing alternative score (for example, 
profit), and cost criteria, where performance improves 
with decreasing alternative score (e.g., price) [22, 71, 79, 
88, 103, 107].

Well-known and traditional MCDM techniques includ-
ing WSM, AHP, ANP, WPM, TOPSIS, VIKOR, ELEC-
TRE, PROMETHEE, GRA, and DEMATEL can be used 
to solve MCDM problem. Additionally, a lot of academics 
have tried to create new MCDM techniques to address 
problems in the real world with various features, such as 
COPRAS, WASPAS, BWM, SWARA, MULTIMOORA, 
SODOSM, ARAS, OPA, MARCOS, and GLDS.

Around 100 MCDM approaches (with variations) 
have been documented in the literature, and Greco 
et al. (Greco et al. 2016) noted that DMs can be unsure 
of which one to use. The kinds of issues that MCDM 
approaches seek to solve, the theoretical foundations 
they are based on, and the kinds of conclusions they draw 
are all different [74, 87]. As a result, they were developed 
to deal with issues of various types and levels of com-
plexity [4]. For instance, PROMETHEE has assumed a 
significant position among the MCDM techniques [26]. 
revealed that this strategy can only be employed provided 
several crucial considerations are made. Dožić noted 
that the appropriate application of each MCDM tech-
nique depends on the problem at hand and the availabil-
ity of necessary data [32]. As a result, no single MCDM 
approach can be employed to solve all kinds of decision 
issues [43, 57, 88, 103, 106].

On the other hand, Gershon and Duckstein high-
lighted the main criticism of MCDM methods, point-
ing out that it is generally difficult to determine which 
MCDM method is more reliable for a given problem 
and that different methods may produce different results 
when applied to a specific decision problem [40]. More 
importantly, there is still debate over the accuracy of the 
ranking results [103]. Of course, in some circumstances, 
making the wrong choice could result in significant or 
irreversible losses. In fact, the abundance of accessible 
approaches might be confusing for DMs, who then have 
the difficult problem of deciding which MCDM method 
is best [106]. Subsequently, many academics have offered 
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recommendations for choosing an acceptable MCDM 
approach (e.g., (Coello and Jin, n.d., [70, 74, 79, 80], 
while others have applied multiple MCDM approaches 
to a specific issue and contrasted the outcomes [70, 88]. 
For instance, Chen and Pan [35] presented a two-step 
strategy to pick appropriate fuzzy MCDM methods for 
tackling construction management problems to over-
come this issue. To choose a good MCDM approach for 
a particular decision problem, however, is a substantial 
research challenge that has not yet been solved, accord-
ing to the literature [98].

The strengths and weaknesses of MCDM approaches 
for certain applications are well-documented in the lit-
erature. [88], for instance, evaluated the advantages 
and disadvantages of various MCDM techniques for 
the optimal search issue. The benefits and drawbacks of 
fuzzy MCDM techniques in construction management 
were described by Chen and Pan [17]. In order to solve 
the problem of material selection, Mousavi-Nasab and 
Sotoudeh-Anvari [70] investigated the characteristics of 
MCDM approaches. The choice of a particular MCDM 
approach appears to be motivated by familiarity and/or 
affinity, according to Cinelli et  al. [22], who noted that 
many writers do not adequately explain the justifications 
for selecting one MCDM method over another. Simply 
put, MCDM techniques are widely used today due to the 
availability of numerous software packages. However, 
according to Hobbs and Horn [43], if general DMs do not 
understand how an MCDM method works, they may not 
trust the obtained results.

We are aware that there are various approaches to clas-
sify MCDM techniques. Multi-attribute utility theory 
(MAUT) techniques like TOPSIS and VIKOR and out-
ranking techniques like ELECTRE and PROMETHEE 
can be used to categorize MCDM techniques as a whole 
[108]. A pairwise comparison between alternatives for 
each criterion forms the basis of an outranking approach, 
and the outranking relations are formed by aggregating 
the pairwise comparisons [108]. The following phases 
are frequently used in MAUT methods: creating a deci-
sion matrix, normalizing it, adding up each option’s per-
formance value in relation to each choice criterion, and 
rating the options [79, 99, 108] are the first three steps. 
Consequently, the key reason why various MCDM meth-
ods may generate different outcomes lies in the diversity 
of normalization methods and aggregation functions 
employed [43, 57, 88, 103, 106].

Everyone is aware that several units analyze how alter-
natives perform in relation to the choice criteria. To 
make several scales of measurement comparable, nor-
malization procedures are used to the components of the 
provided decision matrix. There are various normaliza-
tion approaches, and each one has its own advantages, 

disadvantages, and focal points [69]. Additionally, various 
normalization methods could produce various results 
[99]. According to Milani et  al. [69], who examined the 
effects of various normalization procedures in MCDM 
methods, normalization inside an MCDM method may 
not result in a choice that is reliable. However, choosing 
a good normalizing strategy for an MCDM method has 
received little attention [50].

Regarding identifying places and locations, the TOPSIS 
mysterious method is considered one of the most promi-
nent methods that have been used in this field. There are 
many previous studies, including [37, 38], Kasim, n.d.; 
[85, 92] all of which applied this method in determin-
ing the most appropriate location among the existing 
alternatives.

The previously mentioned multi-criteria decision-mak-
ing (MCDM) methods are some of the frequently used 
decision-making tools that are well designed for complex 
problems involving multiple criteria with the need to 
prioritize alternatives. MCDM methods enable the deci-
sion-makers to evaluate the number of alternatives with 
the different data available such as crisp, fuzzy, interval, 
rough, etc. The criteria importance through inter-criteria 
correlation (CRITIC) approach is a well-known MCDM 
method, which is designed to determine the criteria’s 
importance to an MCDM problem. Unlike other MCDM 
methods that focus on the weighing process, the CRITIC 
method does not require separate pairwise comparisons 
of criteria, because it uses an initial decision matrix that 
is generated to compare the alternatives, as one of the 
powerful MCDM methods presented recently.

Decision making (DM) and its requirements
Decision making is a scientific way to assessing the pos-
sibilities for overcoming negative challenges that arise in 
the administration of any organization and choosing the 
greatest alternative among these possibilities.

MCDM is a methodological frame that tries to sug-
gest decision-makers with informed recommenda-
tions from a finite number of options (also known 
as actions, solutions, or candidates) that have been 
examined from numerous perspectives, or criteria 
(sometimes known as characteristics, qualities, or 
goals). The problem of selecting location is commonly 
referred to MCDM in the literature. As a result, tradi-
tional MCDM techniques have been used in problem-
solving processes. MCDM techniques can be divided 
into four groups based on the principles that under-
pin them:(1) "multiattribute utility methods like AHP 
and ANP, (2) outranking methods like Elimination and 
Choice Expressing Reality (ELECTRE) and Preference 
Ranking Organization Method for Enrichment Evalu-
ation (PROMETHEE); (3) compromise methods like 
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Technique for Order Performance by Similarity to Ideal 
Solution (TOPSIS) and Multicriteria Optimization and 
Compromise Solution (VIKOR); and (4) other MCDM 
techniques like Simple Multiantibiotic Rating Tech-
nique (SMART) (DEMATEL)” [14], but in other hand, 
to overcome ambiguity in decision-making difficul-
ties, MCDM approaches can be combined with fuzzy 
logic. In the literature, there are several kinds of fuzzy 
MCDM methods and their applications. Fuzzy MCDM 
approaches are used to handle energy policy and deci-
sion-making challenges [54].

Construction of hospitals and its importance in facing 
corona
Hospitals all throughout the world are critical in the 
fight against the COVID-19 epidemic. During an epi-
demic, hospital executives are usually confronted with 
unexpected problems that need them to undertake jobs 
they are not used to [1].

As the current coronavirus outbreak has demon-
strated, many contemporary hospitals and healthcare 
systems lack the flexibility to handle unanticipated 
increases in patient numbers. Hospitals have reached 
capacity to treat COVID-19 patients suffering from 
extreme symptoms while also caring for individuals 
with mild symptoms or no symptoms, who pose an 
infectious danger to healthcare personnel and other 
patients.

To address this issue, hospital architects have dis-
covered new design options for healthcare systems, 
which have traditionally been built to support lean and 
efficient care operations, with an emphasis on deliver-
ing health services closer to patients’ homes, inside 
community settings. In regard to their local surround-
ings, healthcare organizations and hospitals have three 
main options for transforming their environments in 
response to COVID-19.

Spatial and organizational improvements have been 
implemented to better accommodate COVID-19 
patients within a hospital, including the restructuring 
of internal ’foot traffic’ routes and flows to separate per-
sons infected with coronavirus from those who are not.

For example, in Syria, the government team held a 
meeting in which it evaluated the decisions taken to 
strengthen the health work system in the country and 
to prepare hospitals to receive cases infected with the 
coronavirus, where the necessary measures were taken 
to ensure the increase of artificial respirators, intensive 
care beds, ambulances and medical equipment, and to 
secure their supplies of fuel and maintenance. In addi-
tion, December 16 in Damascus, Syrian health officials 
have activated an emergency hospital that was recently 

created to deal with an influx of patients that was estab-
lished at a tennis court inside the Faiha sports stadium 
north of Syrian capital Damascus, the emergency hos-
pital is equipped with 120 beds, 300 oxygen cylinders as 
well as 50 Continuous Positive Airway Pressure (CPAP) 
machines, in addition to a qualified and trained medical 
team to receive the COVID-19 cases.

Methodology
Aggregate the weight of criteria
Criteria weights are important in multi-criteria decision-
making methods. Although these weights carry many 
different meanings [19], these weights can influence the 
final decision especially in evaluation or selection prob-
lems. There are many methods available for determin-
ing weights, but the methods are mostly categorized into 
two main approaches: subjective and objective methods. 
Some researchers [66, 68] have used aggregated weights 
that combine subjective and objective weights to bal-
ance the evaluator(s) and data-driven impact. Subjective 
methods involve the rater(s) of different backgrounds and 
experiences, and the analytical hierarchy process (AHP) 
is one of the most popular Subjective methods developed 
by [82], and Full Consistency Method (FUCOM), the 
Best Worst Method (BWM), along with issues of incon-
sistency and the problem of rank inversion. The most 
classic methods are the classification method and the 
direct assignment of points [78], the ratio method [35] 
and the swing method. Among the rank-based methods 
[7] are rank-sum (RS), rank reciprocal (RR) and rank-
centroid (RC) methods, while objective weights are found 
by processing intrinsic information in the criteria, to 
avoid human autonomy, researchers can choose methods 
for weighting objective criteria where these methods are 
of the data-driven type. Among the methods are entropy 
[109], the importance of criteria through common crite-
ria (CRITIC) by [29] standard deviation and coefficient 
of variation [51], there are fuzzy measures where subjec-
tive and objective methods as discussed in the previous 
two sections focus on the individual weights of the cri-
teria. However, the concept of fuzzy measures is associ-
ated with compound weights. Besides considering the 
weights of individual criteria, these fuzzy scales represent 
the measures of interaction between criteria or between 
criteria introduced by [89], one type of fuzzy measure is 
called as λ-fuzzy measure [51], and another type is called 
as k0-measure [59].

The MCDM technique, which is suggested to handle 
complex decision issues, includes the analytical hierarchy 
process (AHP) as a useful tool [82]. With this approach, 
the structure is described at various element levels, 
including criteria, subcriteria, and alternatives, and a 
comparison is made between them [83]. The outcomes 
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are influenced by the decision-makers’ perspective on the 
numbers in real-world scenarios, and the AHP approach 
is unable to solve a severely unbalanced scale of judgment 
with certainty [90]. This method is further enhanced by 
the fuzzy AHP, which extends the AHP [93]. Due to the 
simplicity with which thoughts can be expressed, this 
evaluation is more practical and relevant than conven-
tional methods [20]. The fuzzy AHP method is therefore 
commonly applied in reality. The most appropriate Sup-
plier is picked to meet the unique requirements of the 
airline retailing business, which is a very complicated 
notion. Using the fuzzy AHP technique, an effective sys-
tem in terms of both quantitative and qualitative decision 
variables is constructed to select the worldwide vendor 
[77]. In a similar vein, this approach is used to determine 
where a warehouse should be located in order to maxi-
mize supply chain efficiency. Additionally, the fuzzy AHP 
tool resolves sustainability challenges while making judg-
ments about strategic planning and management in both 
industry and society [12]. Specifically, it was shown that 
the proposed model for fuzzy AHP technique measures 
the weights of the criteria within the seventh division.

Fuzzy set
The complication of the system on which judgments will 
be made can sometimes rise, the significance of the ideas 
used to characterize that system can sometimes dimin-
ish, and there is a trend toward uncertainty. "Fuzziness" 
refers to the uncertainty of the terms used to describe 
an aim and a system. People’s differing mental systems 
and perceptions might be seen as a cause of "fuzziness." 
There may be ambiguities due to under-maturation of 
human thinking, uncertainty, or "fuzziness" in some cir-
cumstances. In certain cases, numerical values cannot be 

utilized as decision-making input; instead, linguistic vari-
ables are employed, and fuzzy logic conditions are incor-
porated in the process.

Fuzzy logic
The characteristic function is generalized by fuzzy sets, 
which accept all values between zero and one. member-
ship function (a generalization of the characteristic func-
tion) defines a fuzzy subset F  of X , also written F(x) , 
whose values can be any number between 0 and 1. The 
value of F(x) is called the grade of membership of x in 
fuzzy set F  , and it is frequently expressed by µ(x) . If µ(x) 
is only zero or one, then we get the characteristic func-
tion of a crisp, nonfuzzy, set F  . Now suppose we have 
µ(x) taking on values in [0,1] besides just zero and one. 
We say x belongs to F if µF (x) = 1 , x does not belong to 
F  when µF (x) = 0 , and x is in F with membership µF (x) 
if 0 < µF (x) < 1 . The universal set always has µX (x) = 1 
for all x in X, and the empty set is described by its mem-
bership function always zero [µO(x) = 0forallxinX ]. 
Crisp sets are considered special cases of fuzzy sets when 
membership values are always 0 or 1 [55].

Making uncertain decisions
The multi-criteria decision-making (MCDM) process 
benefited greatly from the fuzzy sets theory, and deci-
sion analysis has emerged as one of the most appropriate 
applications for this theory. Fuzzy MCDM was created, 
which marked a significant improvement in the field of 
MCDM by incorporating fuzzy sets into the MCDM 
procedure. Although the weights and priorities of the 
criteria are assumed to be precisely understood by the 
classical MCDM approaches, they fall short in modeling 
situations that are experienced in reality. In addition 

0
0.1
0.2
0.3
0.4
0.5
0.6
0.7
0.8
0.9
1

a1 a2 a3
Triangular fuzzy number 

Fig. 1 The membership functions
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to permitting the use of linguistic factors in evaluating 
criteria and alternatives, fuzzy MCDM approaches also 
produce successful outcomes by quantifying unclear 
data.

Many times, the data used in the decision-making pro-
cess are incomplete or unreliable. When decision-mak-
ers must make a variety of decisions based on uncertain 
and ambiguous facts, fuzzy sets theory should be used. 
Furthermore, when solving real-world decision-making 
issues with fuzzy sets, the outcomes are more realistic. 
The main benefit of fuzzy decision making is that it pro-
vides a structure with more flexibility for coping with 
issues resulting from a lack of information [42]. Simi-
larly, utilizing a fuzzy approach to decision-making has 
the advantage of representing relative characteristic pri-
oritizing with fuzzy numbers rather than precise values.

Fuzzy numbers

Definition 2.1 ("Fuzzy set") Assume X is a discourse 
universe, where Ã is a fuzzy subset ofX ; and for all 
x ∈ X  , there is a numberµ

Ã
∈ [0, 1] , The membership 

of  Ã is the term used to describe the membership of x 
inÃ(Yong, 2006).

Definition 2.2 ("Fuzzy number") A fuzzy number Ã is a 
fuzzy subset of X that is both normal and convex. "Nor-
mality" indicates in this case that:

And “convex: means that:

Definition 2.3 A triplet (a1, a2, a3) can define a trian-
gular fuzzy number, as shown in Fig. 1.

The membership function µa(x) of triangular fuzzy num-
ber ã is provided by:

where a1, a2, a3 are real numbers, anda1 < a2 < a3 . The 
highest grade of µã(x) is given by the value of x ata2 , 
i.e.,µã(x) = 1 ; it is the most likely value of the assess-
ment data. The lowest grade ofµã(x), i.e.,µã(x) = 0 , cor-
responds to the worth of x ata1 ; it is the least likely value 
of the assessment data. Constants and a1, a2, a3 are the 

∃x ∈ R,
∨

µ
Ã
(x) = i1

∀x1 ∈ X,X2 ∈ X, ∀α ∈ [0, 1]

µ
Ã
((ax1 + (1− α)x2) ≥ min(µ

Ã
(x1),µÃ

(x2))

(1)µa(x) =





0 : x < a1
x−a1
a2−a1

: a1 ≤ x ≤ a2
a3−x
a3−a2

: a2 ≤ x ≤ a3
0 : x > a3

lowest and upper boundaries of the accessible area for 
the evaluation data [63]. The fuzziness of the evaluation 
data is reflected in these constants (Fig. 1).

Property 1 Given two fuzzy triangular numbers 
ã = (a1, a2, a3) and b̃ = (b1, b2, b3) , the main operations 
are expressed as follows:

(1) Adding two triangular fuzzy numbers:

(2) Multiplication of two triangular fuzzy numbers:
(3) Subtraction of two triangular fuzzy numbers:

(4) Division of two triangular fuzzy numbers:

(5) Inverse of a triangular fuzzy number:

(6) Symmetric image:

Property 2 Given two triangular fuzzy numbers (ã; b̃) 
and any real number k , the commutative operations of 
these two numbers are expressed as follows (Fig. 2):

(2)
ã+ b̃ = (a1 + b1, a2 + b2, a3 + b3), a1 ≥ 0, b1 ≥ 0

(3)
ã ∗ b̃ = (a1 ∗ b1, a2 ∗ b2, a3 ∗ b3), a1 ≥ 0, b1 ≥ 0

(4)
ã− b̃ = (a1 − b1, a2 − b2, a3 − b3), a1 ≥ 0, b1 ≥ 0

(5)
ã(/)b̃ = (a1/b1, a2/b2, a3/b3), a1 ≥ 0, b1 ≥ 0

(6)ã−1 =
(
1/a1, 1/a2, 1/a3

)

(7)ã = (−a1,−a2,−a3)

z

0

1

a2a1 b2 c2b1 c1d

Fig. 2 The intersection between ã and b̃
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Tables  2 and 3, which define a concept of fuzziness 
degree and formulate two criteria for the linguistic scale, 
are where the main contribution to the problem of evalu-
ating the linguistic scale quality was produced.

Which The linguistic scale should introduce the least 
amount of fuzziness possible throughout the process of 
professional parameter evaluation. In addition, the lin-
guistic scale should ensure that the data gathered from 
many specialists are as consistent as possible.

In Table  2, the linguistic variables that were used to 
evaluate the criteria for FAHP are shown, along with the 
triangular fuzzy numbers that correspond to them [76, 
100], while Table  3 reports the linguistic variables that 
were used to evaluate the alternatives, along with the tri-
angular fuzzy numbers that correspond to them [15]; it 
could be expressed in Table 2, 3:

Property 3 Let ã = (a1, a2, a3) and b̃ = (b1, b2, b3) be 
two fuzzy triangular numbers.

The distance between them using the vertex method is 
given by:

Linguistic variable
When dealing with situations that are too complicated 
or poorly defined to be fully represented using stand-
ard quantitative words, the concept of a linguistic vari-
able comes in aid. Each linguistic value is represented by a 
fuzzy set of values, which are expressed as words, phrases, 
or artificial languages [27]. The importance weights of 
numerous criteria, as well as the evaluations of qualitative 
criteria, are used as linguistic variables in this paper. Posi-
tive triangular fuzzy numbers can be used to express these 
linguistic variables, as shown in Tables 2 and 3.

(8)

d
(
ã; b̃

)
=

√
1

3

[
(a1 − b1)

2
+ (a2 − b2)

2
+ (a3 − b3)

2
]

Fuzzy analytical hierarchy process (FAHP)
Step 1: Pairwise comparison matrices of criteria.

Assume that a decision group will invest in this project 
with the help of K experts who will make the decision. 
Pair-wise comparison matrices are created among all the 
requirements of the hierarchical structure by determin-
ing which of the two dimensions is more crucial, accord-
ing to the following formula matrix ( ̃uk):

where ũkij is the fuzzy comparison value by kth decision-
makers from the ith to jth criterion.

Step 2: Fuzzy geometric mean and fuzzy criteria 
weightage.

Determine the fuzzy geometric mean and fuzzy weights 
of each criterion based on the geometric technique intro-
duced by [44], using following formulas, respectively.

(9)D1 =




1 �uk12 �uk13 �uk14 . . . �uk1n
�uk21 1 · · · · · · · · · �uk2n
...
...

. . . �ukn1

. . .
1 · · · · · ·

.. 1 ..
. . . . . . 1




(10)r̃i =
(
ũi1 ⊗ · · · ⊗ ũij · · · ⊗ ũin

)1/n

Table 2 Linguistic scales of criteria ratings for FAHP

Linguistic term Fuzzy number Triangular fuzzy scale Reverse triangular Fuzzy number

Equal 1̃ 1 1 1 1 1 1

Weak advantage 2̃ 1 2 3 1/3 1/2 1

Not bad 3̃ 2 3 4 1/4 1/3 1/2

Preferable 4̃ 3 4 5 1/5 1/4 1/3

Good 5̃ 4 5 6 1/6 1/5 1/4

Fairly good 6̃ 5 6 7 1/7 1/6 1/5

Very good 7̃ 6 7 8 1/8 1/7 1/6

Absolute 8̃ 7 8 9 1/9 1/8 1/7

Perfect 9̃ 8 9 10 0 1/9 1/8

Table 3 Linguistic terms for alternative ratings

Linguistic term Membership function

Very low (VL) (0,0,0.1)
Low (L) (0,0.1,0.3)
Mid Low (ML) (0.1,0.3,0.5)
Medium (M) (0.3,0.5,0.7)
Mid High (MH) (0.5,0.7,0.9)
High (H) (0.7,0.9,1.0)
Very High (VH) (0.9,1.0,1.0)
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where ũij =
∑k

k=1ũ
k
ij

k
 is the integrated fuzzy comparison 

value by the kth decision-maker from the ith to jth crite-
rion, r̃i is fuzzy geometric mean of the ith criterion, w̃i is 
fuzzy weight of the ith criterion.

Step 3: BNP value for rating weight.
To assess the rating weights of criterion, compute the 

best nonfuzzy performance (BNP) value using following 
Formula:

where BNPwi is the best nonfuzzy performance value, 
and (Uwi,Wwi, Lwi) are the upper, middle and lower val-
ues of criteria weight.

Fuzzy TOPSIS (FTOPSIS)
Hwang proposed Technique for Order Preference by 
Similarity to Ideal Solution (TOPSIS) approach is one of 
the most well-known multiple criterion decision-making 
(MCDM) methods. To identify the optimal option, the 
TOPSIS technique uses the shortest distance from the 
positive ideal solution (PIS) and the farthest distance 
from the negative ideal solution (NIS). While the PIS 
aims to maximize benefits while minimizing costs, the 
NIS aims to maximize costs while minimizing benefits.

To use the TOPSIS approach, there must be at least two 
possibilities, which necessitates first identifying the crite-
ria. TOPSIS uses two sorts of criteria in general: “benefit 
criteria” and “cost criteria”[45]. In the cost criteria, the 
best value is the least (lowest cost), whereas in the benefit 
criteria, it is the greatest value (the most beneficial). To 
put it another way, the worst value in the cost criteria is 
the highest (the greatest cost), while the smallest value in 
the benefit criteria is the lowest (the least beneficial) [39]. 
The procedure of the fuzzy TOPSIS method is stated as 
follows:

Step 1: Assignment of ratings to the criteria and the 
alternatives.

Let us assume there are J  possible candidates called 
A = {A1,A2, ...,Aj} which are to evaluated against n cri-
teria,C = {C1,C2, ...,Ci} . The criteria weights are 
denoted bywi(i = 1, 2, ...,m) . The performance ratings of 
each decision-maker Dk(k = 1, 2, ...,K ) for each alterna-
tive Aj(j = 1, 2, ..., n) with respect to criteria 
Ci(i = 1, 2, ...,m) are denoted by R̃k = x̃ijk(i = 1, 2,

...,m; j = 1, 2, ..., n; k = 1, 2, ...,K  with membership func-
tion µ

R̃k
(x).

Step 2: Assignment of ratings to the criteria and the 
alternatives.

(11)w̃i = r̃i ⊗
(
r̃1 ⊕ · · · ⊕ r̃i · · · ⊕ r̃n

)−1

(12)BNPwi =
[(uwi − Lwi)+ (wwi − Lwi)]

3
+ Lwi

Compute aggregate fuzzy ratings for the criteria and 
the alternatives.

If the fuzzy ratings of all decision-makers are described 
as triangular fuzzy numberR̃k = (aK, bK, cK), k = 1, 2, ...,K  , 
then the aggregated fuzzy rating is given by 
R = (a, b, c), k = (1, 2, ...,K ) where:

If the fuzzy rating and importance weight of  
the kth decision-maker are x̃ijk =

(
aijk , bij , cijk

)
 and 

wijk = (wjk1,wjk2,wjk3) ; i = 1, 2, ...,m; j = 1, 2, ...n , 
respectively, then the aggregated fuzzy ratings (x̃ij) of 
alternatives with respect to each criteria are given by 
xij = aij , bij , cij where

The aggregated fuzzy weights (wij) of each criterion 
are calculated as w̃j = (wj1,wj2,wj3) where:

Step 3: Compute the fuzzy decision matrix.
The fuzzy decision matrix for the alternatives 

(
D̃
)
 and 

the criteria (W̃ ) is constructed as follows:

Step 4: Normalize the fuzzy decision matrix.
The raw data are normalized using linear scale trans-

formation to bring the various criteria scales into 
a comparable scale. The normalized fuzzy decision 
matrix R̃ is given by:

where:

(13)a = min{ak}, b =
1

k

k∑

k=1

bk , c = max{ck}

(14)

aij = min
{
aijk

}
, bij =

1

k

k∑

k=1

bijk , cij = max
{
cijk

}

(15)

wj1 = min
{
wjk1

}
,wj2 =

1

k

k∑

k=1

bjk2,wj3 = max
{
cjk3

}

C1 C2 C3

(16)

�D =

A1
A2
A3



�x11 · · · �x1n
...

. . .
...

�xm1 · · · �xmn


, i = (1, 2, ..,m), j = (1, 2, ..n)

(17)R̃ =
[
r̃ij
]
m∗n

, , i = (1, 2, ..,m), j = (1, 2, ..n)

(18)

r̃ij =

(
aij

C∗
i

,
bij

C∗
i

,
cij

C∗
i

)
andC∗

i = maxcij(benefit criteria)
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Step 5: Compute the weighted normalized matrix.
The weighted normalized matrix Ṽ  for criteria is com-

puted by multiplying the weights ( ̃Wj ) of evaluation criteria 
with the normalized fuzzy decision matrix r̃ij.

where:

Step 6: Compute the fuzzy positive ideal solution (FPIS) 
and fuzzy negative ideal solution (FNIS).

The FPIS and FNIS of the alternatives are computed as 
follows:

where: ṽ∗j = axi
{
vij3

}
, i = (1, 2, ..,m), j = (1, 2, ..n)

where: ṽ−j = mini
{
vij1

}
, i = (1, 2, ..,m), j = (1, 2, ..n)

Step 7: Compute the distance of each alternative from 
FPIS and FNIS.

The distance (d∗i , d
−
i ) of each weighted alternative 

i = (1, 2, ..,m) from the FPIS and the FNIS is computed as 
follows:

where dv
(
ã, b̃

)
 is the distance measurement between two 

fuzzy numbers ã and b̃.
Step 8: Compute the closeness coefficient (CCi) of each 

alternative.
The closeness coefficient (CCi) represents the distances 

to the fuzzy positive ideal solution (A∗) and the fuzzy nega-
tive ideal solution ( A− ) simultaneously. The closeness coef-
ficient of each alternative is calculated as:

Step 9: Rank the alternatives.
In step 9, the different alternatives are ranked accord-

ing to the closeness coefficient (CCi) in decreasing order. 

(19)

r̃ij =

(
a−j

cij
,
a−j

cij
,
a−j

cij

)
anda−j = maxcij(cost criteria)

(20)ṽ =
[
ṽij
]
m∗n

, , i = (1, 2, ..,m), j = (1, 2, ..n)

ṽij = r̃ij ∗ wj

(21)A∗ = (ṽ∗1 , ṽ
∗
2 , . . . , ṽ

∗
n)

(22)A− = (ṽ−1 , ṽ
−
2 , . . . , ṽ

−
n )

(23)d∗i =

n∑

j=1

dv

(
ṽij , ṽ

∗
j

)
, i = (1, 2, ..,m)

(24)d−i =

n∑

j=1

dv

(
ṽij , ṽ

−
j

)
, i = (1, 2, ..,m)

(25)CCi =
d−i

d−i + d∗i
, i = (1, 2, ..,m)

The best alternative is closest to the FPIS and farthest 
from the FNIS.

Results and discussion
In Aleppo, we put our recommended process for choos-
ing a new hospital’s location into practice. The prob-
lem of deciding where they want to live is still an issue. 
MCDM faces a huge challenge when it comes to deciding 
on a location. The fuzzy MCDM approach of "Fuzzy AHP 
and Fuzzy TOPSIS" was used to solve the problem in this 
study in a context with uncertainty and ambiguity (fuzzi-
ness). The fuzzy TOPSIS method’s flow diagram shows 
the steps as follows:

 1. Establishing a committee of decision-makers
 2. Determining assessment criteria
 3. Determining linguistic variables
 4. Applying F-AHP to defining the weight of criteria
 5. Forming the fuzzy decision matrix,
 6. Forming the normalized fuzzy decision matrix,
 7. Forming the weighted normalized fuzzy decision 

matrix,
 8. Determining the values of A* and A−

 9. Calculating the distance of each alternative from 
A* and A−

 10. Calculating the closeness coefficient of each alter-
native ( CCi),

 11. Ranking the alternatives based on their closeness 
coefficients

These steps are briefly explained below:
Step 1: judgments are collected from decision-makers 

( D1,D2,D3 ) for each criteria and sub-criteria illustrated 
in Fig. 3.

Step 2: For our application research, we primarily 
investigate four potential sites Al Ezaha (A1), Halab Al 
Jadidah (A2), Salah Alden (A3), Al Sakhor (A4) regions, 
were accepted as alternative locations for the location 
selection problem. At this step, the evaluation criteria are 
determined. As the determination of the criteria that will 
be used for evaluation of alternative locations has a direct 
impact on the accuracy and quality of the results. Rely-
ing on previous studies as a study [85] and based on the 
results of interviews that were conducted with experts, 
it was determined seven criteria; these seven criteria are 
Cost (C1), Demographics (C2), Market condition (C3), 
Business (C4), Transportation (C5) and Workers (C6), 
Building structure (C7). It can be seen in Table 4 that the 
C1 criterion is the cost category (C) criteria, that is, the 
lower the value, the more suitable the alternative. The 
remaining criteria C2–C7 are the criteria of the type of 
benefit (B), that is, the higher the value, the better the 
choice of hospital. 
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Step 3: This stage determines the proper linguistic 
variables for assessing both criteria and options, which 
may be expressed in positive triangular fuzzy numbers. 

Table 3 shows the linguistic variables used to evaluate 
the criteria, as well as the triangular fuzzy numbers 
that corresponded to these linguistic variables, while 

Fig. 3 Hierarchy for hospital location selection

Table 4 Criteria for  evaluation of  hospital location selection

Criteria Definition Category

Cost expresses the costs incurred by the owner of the facility in terms of workers, investment costs, the cost of buying or 
renting land, and other costs

C

Demographics It expresses the size of the population, the extent of population density, the age groups in each region, the social envi-
ronment, and other divisions

B

Market condition It expresses the market expansion, the existing market shares and their percentage, the extent of this market’s need for 
hospital sites, and the availability of the necessary supplies for the supply of medical medicines and other therapeutic 
matters

B

Business It expresses the methods followed by the senior management in hospitals, in addition to the strategies and policies 
adopted by the administration in the hospital management process

B

Transportation It expresses the availability of services and means of transportation in the region, and how close and far the hospital site 
is from the means of transportation

B

Workers It expresses the availability of human capital and manpower, including doctors and nurses, in the hospital site B
Building structure It reflects the readiness of the infrastructure and construction, and the availability of service and entertainment places 

such as parking and a children’s park on site
B
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Table 2 lists the linguistic variables used to evaluate the 
alternatives, as well as the triangular fuzzy numbers 
that corresponded to these linguistic variables.

Step 4: After choosing the appropriate linguistic vari-
ables, decision-makers determine the initial pair-wise 
comparison matrices as shown in Table  6 by applying 
F-AHP to defining the weight of criteria and evaluate 
the ratings of alternative locations with respect to each 
criterion. 

Applying F‑AHP to defining the weight of criteria
Based on the examination of three decision-makers, the 
initial pair-wise comparison matrices are created. The 
linguistic scales are then transformed into a fuzzy num-
ber in Table 6 in accordance with Table 2.

The synthetic pair-wise comparison matrix of criteria is 
presented following Formula (3) shown in Table 5.

The fuzzy geometric mean, fuzzy criteria weight-
age BNP values are demonstrated by applying Formulas 
(10)–(12), as in Table 7 as shown in the Fig. 4.

Step 5: After Applying F-AHP To Defining the 
Weight of Criteria, the ratings of four alternatives 
under seven criteria are presented in Table 8.

Step 6: This step involves constructing the fuzzy 
decision matrix for ranking alternatives as in Table  9 
[47, 75].

Step 7: At this step, the raw data are normalized to 
make comparisons across criteria. The normalized fuzzy 
decision matrix is constructed as in Table 10.

Step 8: After the normalized fuzzy decision matrix is 
constructed, since each criterion has a different impor-
tance, the weighted normalized fuzzy decision matrix 
should be constructed as in Table 11.

Table 7 The weight of criteria rating

Fuzzy geometric mean Fuzzy weight BNP RANK

A B C A B C

C1 0.9007 1.2024 1.5112 0.0914 0.1597 0.2701 0.174 2

C2 0.5268 0.6564 0.9057 0.0535 0.0872 0.1619 0.101 7

C3 0.7766 1.0742 1.4540 0.0788 0.1427 0.2599 0.160 3

C4 1.4262 2.1022 2.6972 0.1447 0.2792 0.4821 0.302 1

C5 0.5534 0.6973 0.9414 0.0562 0.0926 0.1683 0.106 6

C6 0.6899 0.8479 1.0891 0.0700 0.1126 0.1947 0.126 5

C7 0.7207 0.9490 1.2568 0.0731 0.1260 0.2247 0.141 4

Fig. 4 The weight of criteria rating
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Step 9: At this step, the fuzzy positive ideal solu-
tion (A*) and the fuzzy negative ideal solution ( A− ) are 
determined as shown below by using the values on the 
weighted normalized fuzzy decision matrix.

A
∗ =[(1, 1, 1), (1, 1, 1), (1, 1, 1), (1, 1, 1),

(1, 1, 1), (1, 1, 1), (1, 1, 1)]

Step 10: The distances of each location alternative 
from A* and A− with respect to each criterion are cal-
culated as in Tables 12 and 13.

Step 11: Then, the closeness coefficient ( CCi ) of each 
location alternative is calculated to determine the rank-
ing order of each alternative as shown in Table 14.

Step 12: Finally, based on the closeness coefficients, 
the ranking order of the location alternatives can be 
determined. As shown in Table 14, based on the close-
ness coefficients ( CCi ), the ranking order of the loca-
tion alternatives occurs as follows:

To further determine the alternatives’ current evalu-
ation statuses based on their proximity coefficients, the 
closed interval [0, 1] was divided into five equal sub-
intervals, and linguistic variables were defined for each 
sub-interval (Table 15) [16].

According to Tables 14 and 15, all the alternative sites 
were found advisable with low risk. Alternative A2 with 
the highest value (0.512) is the best appropriate alterna-
tive location among others. It is followed by A1 and A3 
with the values of 0.506 and 0.500, respectively. How-
ever, alternative A4 is the worst location for hospital 
location selection problem (Fig. 5).

Sensitivity analysis:
A graphical representation of sensitivity analysis depicts 
the fluctuations in the result as a result of changing input 
data. The supplier’s weight on the criteria in this study 
is raised from extremely low to good. Depending on the 
weight of the criterion, different possibilities are ranked 
in a different order. There are 12 cases that are taken into 
account. To demonstrate the sensitivity analysis per-
formed using fuzzy TOPSIS, a radar diagram has been 
created.

Method as shown in Fig.  6. The radar diagram shows 
the closeness coefficient of each Site at 12 different cases. 

A
− =[(0, 0, 0), (0, 0, 0), (0, 0, 0), (0, 0, 0),

(0, 0, 0), (0, 0, 0), (0, 0, 0)]

A2 > A1 > A3 > A4

Table 8 Ratings of alternatives by decision-makers under 
selected criteria

Criteria Alternatives Decision‑makers

D1 D2 D3

C1 A1 G G G

A2 VG VG G

A3 MP MP VP

A4 MP VP P

C2 A1 G G VG

A2 F MP MP

A3 G G VG

A4 MG F F

C3 A1 F F MP

A2 G VG VG

A3 MP MP P

A4 MP P VP

C4 A1 MP F MP

A2 G G VG

A3 MP MP P

A4 P MP P

C5 A1 F F MG

A2 G G VG

A3 MP MP P

A4 MP P P

C6 A1 G G VG

A2 MG MG G

A3 VG G G

A4 G G G

C7 A1 MP MP F

A2 VG VG G

A3 MP P MP

A4 MP VP P

Table 9 Fuzzy decision matrix

Criteria A1 A2 A3 A4

C1 (7.00, 9.00, 10.0) (8.33, 9.66, 10.0) (0.67, 2.00, 3.67) (0.33, 1.33, 3.00)

C2 (7.67, 9.34, 10.0) (1.66, 3.66, 5.66) (7.66, 9.33, 10.0) (3.66, 5.66, 7.66)

C3 (2.33, 4.33, 6.33) (8.33, 9.66, 10.0) (0.66, 2.33, 4.33) (0.33, 1.33, 3.00)

C4 (1.66, 3.66, 5.66) (7.66, 9.33, 10.0) (0.66, 2.33, 4.33) (0.33, 1.66, 3.66)

C5 (3.66, 5.66, 7.66) (7.66, 9.33, 10.0) (0.66, 2.33, 4.33) (0.33, 1.66, 3.66)

C6 (7.66, 9.33, 10.0) (5.66, 7.66, 9.33) (7.66, 9.33, 10.0) (7.00, 9.00, 10.0)

C7 (1.66, 3.66, 5.66) (8.33, 9.66, 10.0) (0.66, 2.33, 4.33) (0.33, 1.33, 3.00)
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If there is any change in criteria weight of supplier, then 
its outcome will alter in terms of proximity coefficient 
of suppliers. In all 10 separate situations the proximity 
coefficient for all suppliers has been computed and is dis-
played in Fig. 6. Additionally, it is evident in Table 16 and 
Fig. 6. The option A4 (Site 4) has the highest score in 8 

Table 10 Normalized fuzzy decision matrix

Criteria A1 A2 A3 A4

C1 (0.700, 0.900, 1, 00) (0.833, 0.966, 1, 00) (0.067, 0.20, 0.367) (0.033, 0.133, 0.30)

C2 (0.767, 0.934, 1, 00) (0.166, 0.366, 0.566) (0.766, 0.933, 1, 00) (0.366, 0.566, 0.766)

C3 (0.233, 0.433, 0.633) (0.833, 0.966, 1, 00) (0.066, 0.233, 0.433) (0.033, 0.133, 0.30)

C4 (0.166, 0.366, 0.566) (0.766, 0.933, 1, 00) (0.066, 0.233, 0.433) (0.033, 0.166, 0.366)

C5 (0.366, 0.566, 0.766) (0.766, 0.933, 1.00) (0.066, 0.233, 0.433) (0.033, 0.166, 0.366)

C6 (0.766, 0.933, 1, 00) (0.566, 0.766, 0.933) (0.766, 0.933, 1.00) (0.700, 0.900, 1, 00)

C7 (0.166, 0.366, 0.566) (0.833, 0.966, 1, 00) (0.066, 0.233, 0.433) (0.033, 0.133, 0.300)

Table 11 Weighted normalized fuzzy decision matrix

Criteria A1 A2 A3 A4

C1 (0.064, 0.144, 0.269) (0.0769, 0.154, 0.269) (0.006, 0.032, 0.098) (0.003, 0.021, 0.081)

C2 (0.043, 0.086, 0.168) (0.009, 0.033, 0.095) (0.043, 0.086, 0.168) (0.020, 0.052, 0.129)

C3 (0.027, 0.042, 0.056) (0.017, 0.032, 0.047) (0.061, 0.071, 0.074) (0.005, 0.017, 0.032)

C4 (0.023, 0.095, 0.025) (0.105, 0.243, 0.446) (0.009, 0.060, 0.193) (0.004, 0.043, 0.163)

C5 (0.188, 0.047, 0.114) (0.093, 0.078, 0.149) (0.003, 0.019, 0.064) (0.001, 0.014, 0.054)

C6 (0.051, 0.103, 0, 192) (0.038, 0.085, 0.180) (0.051, 0.103, 0.192) (0.046, 0.099, 0, 192)

C7 (0.010, 0.039, 0.109) (0.051, 0.103, 0.192) (0.004, 0.025, 0.083) (0.021, 0.014, 0.057)

Table 12 Distances between Ai(i = 1, 2, 3, 4) and A* for each 
criterion

Criteria d(A1,A∗) d(A2,A∗) d(A3,A∗) d(A4,A∗)

C1 0.138 0.129 0.065 0.056

C2 0.087 0.061 0.087 0.077

C3 0.019 0.019 0.007 0.179

C4 0.160 0.228 0.131 0.115

C5 0.067 0.075 0.044 0.038

C6 0.096 0.098 0.096 0.099

C7 0.070 0.096 0.057 0.040

Table 13 Distances between Ai(i = 1, 2, 3, 4) and A
↼ each 

criterion

Criteria d(A1,A↼) d(A2,A↼) d(A3,A↼) d(A4,A↼)

C1 0.126 0.119 0.055 0.046

C2 0.076 0.051 0.076 0.065

C3 0.191 0.191 0.009 0.017

C4 0.139 0.212 0.110 0.094

C5 0.057 0.067 0.036 0.031

C6 0.087 0.086 0.087 0.089

C7 0.059 0.087 0.047 0.032

Table 14 Calculations of the di∗ , di↼ and closeness coefficient 
( CCi ) values

Criteria A1 A2 A3 A4

di
∗ 0.639 0.709 0.488 0.446

di
↼ 0.566 0.643 0.423 0.377

di
∗ + di

↼ 1.206 1.353 0.911 0.823

CCi 0.469 0.475 0.463 0.458

RANK 2 1 3 4

Table 15 Acceptance conditions

Closeness coefficient Assessment status

CCi € [0,0.2] Unadvisable

CCi € [0.2,0.4] Advisable with high risk

CCi € [0.4,0.6] Advisable with low risk

CCi € [0.6,0.8] Acceptable

CCi € [0.8,1.0] Acceptable and preferable
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out of the 12 cases, whereas A1 (Site 1) has the lowest 
score in 8 out of the 12 cases, and A2 (Site 2) has the low-
est score in 7 out of the 12 cases.

Conclusions
In this paper, we present a multi-criteria decision-mak-
ing approach to evaluate the four sites for choosing the 
best alternative in a situation of ambiguity based on the 

combination of two fuzzy AHP and fuzzy TOPSIS meth-
ods. Three steps make up the suggested strategy. The 
first step identified the four site evaluation criteria. Cost, 
demography, market situation, business, transportation 
and labor, and building structure are the seven criteria. 
The second step involves the specialists giving language 
evaluations of the standards and options. The ordered 
weighting of criteria was obtained based on the fuzzy 
AHP calculation, and to get an overall performance score 
and compile ratings, the priority ranking of the alterna-
tive locations was found using the fuzzy TOPSIS used 
to assess each alternative’s viability. The solution with 
the greatest score is chosen as the ideal location and is 
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Fig. 5 Closeness coefficient ( CCi ) values
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Fig. 6 Results of sensitivity analysis

Table 16 Changes to the criteria weights for sensitivity analysis

Case no Criteria weight changes Overall scores (CCr) Ranking

A1 A2 A3 A4

Case 1 wc1−c7 = (0.1, 0.1, 0.3) 0.4294 0.4269 0.4306 0.4312 A4 > A3 > A1 > A2

Case 2 wc1−c7 = (0.1, 0.3, 0.5) 0.4863 0.4924 0.4798 0.4712 A2 > A1 > A3 > A4

Case 3 wc1−c7 = (0.3, 0.5, 0.7) 0.4909 0.4966 0.4852 0.4758 A2 > A1 > A3 > A4

Case 4 wc1−c7 = (0.5, 0.7, 0.9) 0.4942 0.4997 0.4889 0.4787 A2 > A1 > A3 > A4

Case 5 wc1−c7 = (0.7, 0.9, 1.0) 0.5116 0.5204 0.5047 0.4904 A2 > A1 > A3 > A4

Case 6 wc1 = (0.7, 0.9, 1.0),

wc2−c7 = (0.1, 0.1, 0.3)

0.4617 0.4573 0.4447 0.4415 A1 > A2 > A3 > A4

Case 7 wc2 = (0.7, 0.9, 1.0),

wc1,c3−c7 = (0.1, 0.1, 0.3)

0.4615 0.4448 0.4703 0.4609 A3 > A1 > A4 > A2

Case 8 wc3 = (0.7, 0.9, 1.0),

wc1−2,c4−c7 = (0.1, 0.1, 0.3)

0.4405 0.4378 0.4426 0.4431 A4 > A3 > A1 > A2

Case 9 wc4 = (0.7, 0.9, 1.0),

wc1−c3,c5−c7 = (0.1, 0.1, 0.3)

0.4479 0.4576 0.4472 0.4444 A2 > A1 > A3 > A4

Case 10 wc5 = (0.7, 0.9, 1.0),

wc1−4,c6−7 = (0.1, 0.1, 0.3)

0.4521 0.4576 0.4472 0.4444 A2 > A1 > A3 > A4

Case 11 wc6 = (0.7, 0.9, 1.0),

wc1−5,c7 = (0.1, 0.1, 0.3)

0.4615 0.4535 0.4703 0.4740 A4 > A3 > A2 > A1

Case 12 wc7 = (0.7, 0.9, 1.0),

wc1−6 = (0.1, 0.1, 0.3)

0.4479 0.4573 0.4472 0.4415 A2 > A1 > A3 > A4



Page 19 of 22Al Mohamed et al. Future Business Journal            (2023) 9:14  

suggested for use in the city. We conduct a sensitivity 
analysis in the third and final step to ascertain the impact 
of the weights of the criteria on the decision-making 
procedure.

The strength of our approach lies in its capacity to 
evaluate the viability of potential sites while working 
with sparse or inaccurate data. The regions in the city 
of Aleppo can use the suggested method practically to 
assess and choose the best site out of the suggested sites. 
They must be carefully chosen because the decision-
making process is sensitive to the number of participants 
and their level of subject matter expertise.

We conduct a sensitivity analysis in the third and final 
step to ascertain the impact of the weights of the crite-
ria on the decision-making procedure. Our method’s 
strength lies in its capacity to evaluate the viability of 
potential sites while working with sparse or inaccurate 
data. The regions in the city of Aleppo can use the sug-
gested method practically to assess and choose the best 
site out of the suggested sites. They must be carefully 
chosen because the decision-making process is sensitive 
to the number of participants and their level of subject 
matter expertise.

Method’s strength lies in its capacity to evaluate the 
viability of potential sites while working with sparse or 
inaccurate data. The regions in the city of Aleppo can use 
the suggested method practically to assess and choose the 
best site out of the suggested sites. They must be carefully 
chosen because the decision-making process is sensitive 
to the number of participants and their level of subject 
matter expertise; it can be also applied to the selection of 
an optimal location for related healthy projects, such as 
the location of nurses and doctors, hi-tech medical areas, 
and factories that producing medical drugs.

Future studies should consider new assessment fac-
tors with respect to the post-COVID-19 pandemic that 
can impact the process of evaluation and selection of 
locations to enhance the robust results. Besides, other 
multi-criteria decision-making approaches, such as GIS 
Based Location Selection, hesitant fuzzy VIKOR, might 
be used to investigate alternate locations and compare 
the results to those found in this study. In addition, 
the accuracy and reliability of these rankings should 
be measured using a reference for ranking similarity 
coefficients (i.e., weighted Spearman’s rank correlation 
coefficient, rank similarity coefficient).

Acknowledgements
The author would like to thank the respondents who participated in this 
study. Furthermore, the authors would like to express their sincere gratitude 
to the editor and anonymous reviewers for their insightful comments and 
suggestions. Any remaining errors are our faults.

Author contributions
The author read and approved the final manuscript. AAAM contributed to 
data curation and writing—original draft preparation. SAM contributed to 
conceptualization, methodology, software, and supervision. MZ contributed 
TO writing—reviewing, editing, and supervision. All authors have read and 
approved the manuscript.

Funding
There is no funding for this research.

Availability of data and materials
This is available on request.

Declarations

Ethics approval and consent to participate
Not applicable.

Consent for publication
I hereby agreed that my submitted manuscript “Application of fuzzy TOPSIS in 
selecting Pandemic hospital site” be published by your firm.

Competing interests
The authors declare no competing interests.

Received: 2 August 2022   Accepted: 11 January 2023

References
 1. Abdi Z, Lega F, Ebeid N, Ravaghi H (2022) Role of hospital leadership in 

combating the COVID-19 pandemic. Health Serv Manage Res 35:2–6. 
https:// doi. org/ 10. 1177/ 09514 84821 10356 20

 2. Alhaffar MHDBA, Janos S (2021) Public health consequences after ten 
years of the Syrian crisis: a literature review. Glob Health 17:111. https:// 
doi. org/ 10. 1186/ s12992- 021- 00762-9

 3. AlMoallem Z, Miftah M (2019) Persons with disability in Syria: challenges 
and solutions | KALU Institute (Disability in Syria). KALU Institute, Syria

 4. Alvarez PA, Ishizaka A, Martínez L (2021) Multiple-criteria decision-mak-
ing sorting methods: A survey. Expert Syst Appl 183:115368. https:// doi. 
org/ 10. 1016/j. eswa. 2021. 11536 84

 5. Amiri MP (2010) Project selection for oil-fields development by using 
the AHP and fuzzy TOPSIS methods. Expert Syst Appl 37:6218–6224. 
https:// doi. org/ 10. 1016/j. eswa. 2010. 02. 103

 6. Ashrafzadeh M, Rafiei FM, Isfahani NM, Zare Z (2012) Application of 
fuzzy TOPSIS method for the selection of warehouse location: a case 
study 3:18

 7. Barron FH, Barrett BE (1996) Decision quality using ranked attribute 
weights. Manage Sci 42:1515–1523. https:// doi. org/ 10. 1287/ mnsc. 42. 
11. 1515

 8. Benítez JM, Martín JC, Román C (2007) Using fuzzy number for measur-
ing quality of service in the hotel industry. Tour Manage 28:544–555. 
https:// doi. org/ 10. 1016/j. tourm an. 2006. 04. 018

 9. Bozdağ CE, Kahraman C, Ruan D (2003) Fuzzy group decision making 
for selection among computer integrated manufacturing systems. 
Comput Ind 51:13–29. https:// doi. org/ 10. 1016/ S0166- 3615(03) 00029-0

 10. Büyüközkan G, Ruan D (2008) Evaluation of software development 
projects using a fuzzy multi-criteria decision approach. Math Comput 
Simul Intell Sens Eval Concepts Implement Appl 77:464–475. https:// 
doi. org/ 10. 1016/j. matcom. 2007. 11. 015

 11. Byun HS, Lee KH (2005) A decision support system for the selection 
of a rapid prototyping process using the modified TOPSIS method. 
Int J Adv Manuf Technol 26:1338–1347. https:// doi. org/ 10. 1007/ 
s00170- 004- 2099-2

https://doi.org/10.1177/09514848211035620
https://doi.org/10.1186/s12992-021-00762-9
https://doi.org/10.1186/s12992-021-00762-9
https://doi.org/10.1016/j.eswa.2021.1153684
https://doi.org/10.1016/j.eswa.2021.1153684
https://doi.org/10.1016/j.eswa.2010.02.103
https://doi.org/10.1287/mnsc.42.11.1515
https://doi.org/10.1287/mnsc.42.11.1515
https://doi.org/10.1016/j.tourman.2006.04.018
https://doi.org/10.1016/S0166-3615(03)00029-0
https://doi.org/10.1016/j.matcom.2007.11.015
https://doi.org/10.1016/j.matcom.2007.11.015
https://doi.org/10.1007/s00170-004-2099-2
https://doi.org/10.1007/s00170-004-2099-2


Page 20 of 22Al Mohamed et al. Future Business Journal            (2023) 9:14 

 12. Calabrese A, Costa R, Levialdi N, Menichini T (2019) Integrating sustain-
ability into strategic decision-making: A fuzzy AHP method for the 
selection of relevant sustainability issues. Technol Forecast Soc Chang 
139:155–168. https:// doi. org/ 10. 1016/j. techf ore. 2018. 11. 005

 13. Çalık A (2021) A novel Pythagorean fuzzy AHP and fuzzy TOPSIS 
methodology for green supplier selection in the Industry 4.0 era. Soft 
Comput 25:2253–2265. https:// doi. org/ 10. 1007/ s00500- 020- 05294-9

 14. Chai J, Liu JNK, Ngai EWT (2013) Application of decision-making tech-
niques in supplier selection: A systematic review of literature. Expert 
Syst Appl 40:3872–3885. https:// doi. org/ 10. 1016/j. eswa. 2012. 12. 040

 15. Chen C-T (2000) Extensions of the TOPSIS for group decision-making 
under fuzzy environment. Fuzzy Sets Syst 114:1–9. https:// doi. org/ 10. 
1016/ S0165- 0114(97) 00377-1

 16. Chen C-T, Lin C-T, Huang S-F (2006) A fuzzy approach for supplier 
evaluation and selection in supply chain management. Int J Prod Econ 
102:289–301. https:// doi. org/ 10. 1016/j. ijpe. 2005. 03. 009

 17. Chen L, Pan W (2021) Review fuzzy multi-criteria decision-making in 
construction management using a network approach. Appl Soft Com-
put 102:107103. https:// doi. org/ 10. 1016/j. asoc. 2021. 107103

 18. Chen S-J, Hwang C-L (1992) Fuzzy multiple attribute decision making 
methods, In: Chen S-J, Hwang C-L (eds.), Fuzzy multiple attribute deci-
sion making: methods and applications, lecture notes in economics 
and mathematical systems. Springer, Berlin, Heidelberg, pp. 289–486. 
https:// doi. org/ 10. 1007/ 978-3- 642- 46768-4_5

 19. Choo EU, Schoner B, Wedley WC (1999) Interpretation of criteria 
weights in multicriteria decision making. Comput Ind Eng 37:527–541. 
https:// doi. org/ 10. 1016/ S0360- 8352(00) 00019-X

 20. Chou T-Y, Hsu C-L, Chen M-C (2008) A fuzzy multi-criteria decision 
model for international tourist hotels location selection. Int J Hosp 
Manag 27:293–301. https:// doi. org/ 10. 1016/j. ijhm. 2007. 07. 029

 21. Chu T-C (2002) Selecting plant location via a fuzzy TOPSIS approach. Int 
J Adv Manuf Technol 20:859–864. https:// doi. org/ 10. 1007/ s0017 00200 
227

 22. Cinelli M, Coles SR, Kirwan K (2014) Analysis of the potentials of multi 
criteria decision analysis methods to conduct sustainability assessment. 
Ecol Ind 46:138–148. https:// doi. org/ 10. 1016/j. ecoli nd. 2014. 06. 011

 23. Coello C, Jin Y, n.d. (2007) IEEE symposium on computational intel-
ligence in multicriteria decision making Hilton Hawaiian Village Beach 
Resort & Spa.

 24. Dağdeviren M, Yavuz S, Kılınç N (2009) Weapon selection using the 
AHP and TOPSIS methods under fuzzy environment. Expert Syst Appl 
36:8143–8151. https:// doi. org/ 10. 1016/j. eswa. 2008. 10. 016

 25. Dang VT, Wang J, Dang WV-T (2019) An integrated fuzzy AHP and 
fuzzy TOPSIS approach to assess sustainable urban development in an 
emerging economy. Int J Environ Res Public Health 16:2902. https:// doi. 
org/ 10. 3390/ ijerp h1616 2902

 26. De Keyser A, Verleye K, Lemon K, Keiningham T, Klaus P (2020) Moving 
the customer experience field forward: introducing the touchpoints, 
context, qualities (TCQ) nomenclature. J Serv Res. https:// doi. org/ 10. 
1177/ 10946 70520 928390

 27. Dell’Ovo M, Capolongo S, Oppio A (2018) Combining spatial analysis 
with MCDA for the siting of healthcare facilities. Land Use Policy 
76:634–644. https:// doi. org/ 10. 1016/j. landu sepol. 2018. 02. 044

 28. Deng H, Yeh C-H, Willis RJ (2000) Inter-company comparison using 
modified TOPSIS with objective weights. Comput Oper Res 27:963–973. 
https:// doi. org/ 10. 1016/ S0305- 0548(99) 00069-6

 29. Diakoulaki D, Mavrotas G, Papayannakis L (1995) Determining objective 
weights in multiple criteria problems: The critic method. Comput Oper 
Res 22:763–770. https:// doi. org/ 10. 1016/ 0305- 0548(94) 00059-H

 30. Dikmen CF, Say T (2008) A MCDM approach for middlemen evaluation 
and selection in marketing. Serbian J Manag 3:5–15

 31. Doğan A, Söylemez İs, Özcan U (2016) Green supplier selection by 
using fuzzy topsis method, In: Uncertainty modelling in knowledge 
engineering and decision making. Presented at the conference on 
uncertainty modelling in knowledge engineering and decision making 
(FLINS 2016), World Scientific, Roubaix, France, pp. 638–645. https:// doi. 
org/ 10. 1142/ 97898 13146 976_ 0101

 32. Dožić S (2019) Multi-criteria decision making methods: application in 
the aviation industry. J Air Transp Manag 79:101683. https:// doi. org/ 10. 
1016/j. jairt raman. 2019. 101683

 33. Dutta P, Borah G (2021) Robot selection problem via fuzzy TOPSIS 
method using novel distance and similarity measure for generalized 
fuzzy numbers with unequal heights. New Math Nat Comput. https:// 
doi. org/ 10. 1142/ S1793 00572 25003 38

 34. Ebrahimnejad S, Mousavi SM, Seyrafianpour H (2010) Risk identifica-
tion and assessment for build–operate–transfer projects: A fuzzy multi 
attribute decision making model. Expert Syst Appl 37:575–586. https:// 
doi. org/ 10. 1016/j. eswa. 2009. 05. 037

 35. Edwards W (1977) How to use multiattribute utility measurement for 
social decisionmaking. IEEE Trans Syst Man Cybern 7:326–340. https:// 
doi. org/ 10. 1109/ TSMC. 1977. 43097 20

 36. Emami M, Nazari K, Fardmanesh H (2012) Application of fuzzy TOPSIS 
technique for strategic management decision 6.

 37. Erdin C, Akbaş HE (2019) A comparative analysis of fuzzy TOPSIS and 
geographic information systems (GIS) for the location selection of 
shopping malls: a case study from Turkey. Sustainability 11:3837. 
https:// doi. org/ 10. 3390/ su111 43837

 38. Ertuğrul İ, Karakaşoğlu N (2008) Comparison of fuzzy AHP and fuzzy 
TOPSIS methods for facility location selection. Int J Adv Manuf Technol 
39:783–795. https:// doi. org/ 10. 1007/ s00170- 007- 1249-8

 39. Feng C-M, Wang R-T (2001) Considering the financial ratios on the per-
formance evaluation of highway bus industry. Transp Rev 21:449–467. 
https:// doi. org/ 10. 1080/ 01441 64001 00203 04

 40. Gershon M, Duckstein L (1983) Multiobjective approaches to river basin 
planning. J Water Resour Plan Manag 109:13–28. https:// doi. org/ 10. 
1061/ (ASCE) 0733- 9496(1983) 109: 1(13)

 41. Greco S, Figueira J, Ehrgott M (2016) Multiple criteria decision analysis. 
Springer, New York

 42. Gu X, Zhu Q (2006) Fuzzy multi-attribute decision-making method 
based on eigenvector of fuzzy attribute evaluation space. Decis Sup-
port Syst 41:400–410

 43. Hobbs BF, Horn GT (1997) Building public confidence in energy plan-
ning: a multimethod MCDM approach to demand-side planning at BC 
gas. Energy Policy, Model-based policy analysis 25:357–375. https:// doi. 
org/ 10. 1016/ S0301- 4215(97) 00025-6

 44. Hsieh T-Y, Lu S-T, Tzeng G-H (2004) Fuzzy MCDM approach for planning 
and design tenders selection in public office buildings. Int J Project 
Manage 22:573–584. https:// doi. org/ 10. 1016/j. ijpro man. 2004. 01. 002

 45. Janic M (2003) Multicriteria evaluation of high-speed rail, transrapid 
maglev and air passenger transport in Europe. Transp Plan Technol 
26:491–512. https:// doi. org/ 10. 1080/ 03081 06032 00016 7373

 46. Jasiulewicz-Kaczmarek M, Antosz K, Wyczółkowski R, Mazurkiewicz 
D, Sun B, Qian C, Ren Y (2021) Application of MICMAC, Fuzzy AHP, 
and fuzzy TOPSIS for evaluation of the maintenance factors affecting 
sustainable manufacturing. Energies 14:1436. https:// doi. org/ 10. 3390/ 
en140 51436

 47. Joshi R, Banwet DK, Shankar R (2011) A Delphi-AHP-TOPSIS based 
benchmarking framework for performance improvement of a cold 
chain. Expert Syst Appl 38:10170–10182. https:// doi. org/ 10. 1016/j. eswa. 
2011. 02. 072

 48. Kahraman C, Beskese A, Ruan D (2004) Measuring flexibility of com-
puter integrated manufacturing systems using fuzzy cash flow analysis. 
Inf Sci 168:77–94. https:// doi. org/ 10. 1016/j. ins. 2003. 11. 004

 49. Kahraman C, Onar SC, Oztaysi B (2015) Fuzzy multicriteria decision-
making: a literature review. IJCIS 8:637. https:// doi. org/ 10. 1080/ 18756 
891. 2015. 10463 25

 50. Karande P, Chakraborty S (2012) Application of multi-objective opti-
mization on the basis of ratio analysis (MOORA) method for materials 
selection. Mater Des 37:317–324. https:// doi. org/ 10. 1016/j. matdes. 2012. 
01. 013

 51. Kasim MM (2014) Determination of criteria weights in solving multi-
criteria problems. AIP Conf Proc 1635:3–10. https:// doi. org/ 10. 1063/1. 
49035 55

 52. Kasim MM, n.d. Aggregation of criteria weights for multi-person deci-
sion making with equal or different credibility 7.

 53. Kavosi M, Mavi RK (2011) Fuzzy quality function deployment approach 
using TOPSIS and analytic hierarchy process methods. Int J Prod Quality 
Manag 7:304–324

 54. Kaya İ, Çolak M, Terzi F (2019) A comprehensive review of fuzzy multi 
criteria decision making methodologies for energy policy making. 
Energ Strat Rev 24:207–228. https:// doi. org/ 10. 1016/j. esr. 2019. 03. 003

https://doi.org/10.1016/j.techfore.2018.11.005
https://doi.org/10.1007/s00500-020-05294-9
https://doi.org/10.1016/j.eswa.2012.12.040
https://doi.org/10.1016/S0165-0114(97)00377-1
https://doi.org/10.1016/S0165-0114(97)00377-1
https://doi.org/10.1016/j.ijpe.2005.03.009
https://doi.org/10.1016/j.asoc.2021.107103
https://doi.org/10.1007/978-3-642-46768-4_5
https://doi.org/10.1016/S0360-8352(00)00019-X
https://doi.org/10.1016/j.ijhm.2007.07.029
https://doi.org/10.1007/s001700200227
https://doi.org/10.1007/s001700200227
https://doi.org/10.1016/j.ecolind.2014.06.011
https://doi.org/10.1016/j.eswa.2008.10.016
https://doi.org/10.3390/ijerph16162902
https://doi.org/10.3390/ijerph16162902
https://doi.org/10.1177/1094670520928390
https://doi.org/10.1177/1094670520928390
https://doi.org/10.1016/j.landusepol.2018.02.044
https://doi.org/10.1016/S0305-0548(99)00069-6
https://doi.org/10.1016/0305-0548(94)00059-H
https://doi.org/10.1142/9789813146976_0101
https://doi.org/10.1142/9789813146976_0101
https://doi.org/10.1016/j.jairtraman.2019.101683
https://doi.org/10.1016/j.jairtraman.2019.101683
https://doi.org/10.1142/S1793005722500338
https://doi.org/10.1142/S1793005722500338
https://doi.org/10.1016/j.eswa.2009.05.037
https://doi.org/10.1016/j.eswa.2009.05.037
https://doi.org/10.1109/TSMC.1977.4309720
https://doi.org/10.1109/TSMC.1977.4309720
https://doi.org/10.3390/su11143837
https://doi.org/10.1007/s00170-007-1249-8
https://doi.org/10.1080/01441640010020304
https://doi.org/10.1061/(ASCE)0733-9496(1983)109:1(13)
https://doi.org/10.1061/(ASCE)0733-9496(1983)109:1(13)
https://doi.org/10.1016/S0301-4215(97)00025-6
https://doi.org/10.1016/S0301-4215(97)00025-6
https://doi.org/10.1016/j.ijproman.2004.01.002
https://doi.org/10.1080/0308106032000167373
https://doi.org/10.3390/en14051436
https://doi.org/10.3390/en14051436
https://doi.org/10.1016/j.eswa.2011.02.072
https://doi.org/10.1016/j.eswa.2011.02.072
https://doi.org/10.1016/j.ins.2003.11.004
https://doi.org/10.1080/18756891.2015.1046325
https://doi.org/10.1080/18756891.2015.1046325
https://doi.org/10.1016/j.matdes.2012.01.013
https://doi.org/10.1016/j.matdes.2012.01.013
https://doi.org/10.1063/1.4903555
https://doi.org/10.1063/1.4903555
https://doi.org/10.1016/j.esr.2019.03.003


Page 21 of 22Al Mohamed et al. Future Business Journal            (2023) 9:14  

 55. Kelemenis A, Askounis D (2010) A new TOPSIS-based multi-criteria 
approach to personnel selection. Expert Syst Appl 37:4999–5008. 
https:// doi. org/ 10. 1016/j. eswa. 2009. 12. 013

 56. Kiliç M, Kaya İ (2015) Investment project evaluation by a decision 
making methodology based on type-2 fuzzy sets. Appl Soft Comput 
27:399–410. https:// doi. org/ 10. 1016/j. asoc. 2014. 11. 028

 57. Kloepffer W (2008) Life cycle sustainability assessment of products. Int J 
Life Cycle Assess 13:89. https:// doi. org/ 10. 1065/ lca20 08. 02. 376

 58. Konstantinos I, Georgios T, Garyfalos A (2019) A Decision Support Sys-
tem methodology for selecting wind farm installation locations using 
AHP and TOPSIS: case study in Eastern Macedonia and Thrace region, 
Greece. Energy Policy 132:232–246. https:// doi. org/ 10. 1016/j. enpol. 
2019. 05. 020

 59. Krishnan AR, Aqilah SN, Kasim MM, Nazri EM, Char AK (2017) A revised 
procedure to identify λ0-measure values for applying Choquet integral 
in solving multi-attribute decision problems. Opsearch 54:637–650. 
https:// doi. org/ 10. 1007/ s12597- 017- 0297-6

 60. Kumar A, Wasan P, Luthra S, Dixit G (2020) Development of a framework 
for selecting a sustainable location of waste electrical and electronic 
equipment recycling plant in emerging economies. J Cleaner Prod 
277:122645. https:// doi. org/ 10. 1016/j. jclep ro. 2020. 122645

 61. Kumar S, Kumar S, Barman AG (2018) Supplier selection using fuzzy 
TOPSIS multi criteria model for a small scale steel manufacturing unit. 
Proc Comput Sci Int Conf Robot Smart Manuf 133:905–912. https:// doi. 
org/ 10. 1016/j. procs. 2018. 07. 097

 62. Li Y, Zobel CW (2020) Exploring supply chain network resilience in the 
presence of the ripple effect. Int J Prod Econ 228:107693. https:// doi. 
org/ 10. 1016/j. ijpe. 2020. 107693

 63. Liang G-S (1999) Fuzzy MCDM based on ideal and anti-ideal concepts. 
Eur J Oper Res 112:682–691. https:// doi. org/ 10. 1016/ S0377- 2217(97) 
00410-4

 64. Liao C-N, Lin C-H, Fu Y-K (2015) Integrative model for the selection of a 
new product launch strategy, based on ANP, TOPSIS and MCGP: a case 
study. Technol Econ Develop Econ 22:715–737. https:// doi. org/ 10. 3846/ 
20294 913. 2015. 10749 51

 65. Lin H-T, Chang W-L (2008) Order selection and pricing methods using 
flexible quantity and fuzzy approach for buyer evaluation. Eur J Oper 
Res 187:415–428. https:// doi. org/ 10. 1016/j. ejor. 2007. 03. 003

 66. Ma J, Fan Z-P, Huang L-H (1999) A subjective and objective integrated 
approach to determine attribute weights. Eur J Oper Res 112:397–404. 
https:// doi. org/ 10. 1016/ S0377- 2217(98) 00141-6

 67. Mardani A, Zavadskas EK, Streimikiene D, Jusoh A, Nor KMD, Kho-
shnoudi M (2016) Using fuzzy multiple criteria decision making 
approaches for evaluating energy saving technologies and solutions 
in five star hotels: a new hierarchical framework. Energy 117:131–148. 
https:// doi. org/ 10. 1016/j. energy. 2016. 10. 076

 68. Mat Desa NH, Jemain AA, Mat Kasim M (2015) Construction of a 
composite hospital admission index using the aggregated weights of 
criteria. JSM 44:239–247. https:// doi. org/ 10. 17576/ jsm- 2015- 4402- 11

 69. Milani AS, Shanian A, Madoliat R, Nemes JA (2005) The effect of 
normalization norms in multiple attribute decision making models: 
a case study in gear material selection. Struct Multidisc Optim 
29:312–318. https:// doi. org/ 10. 1007/ s00158- 004- 0473-1

 70. Mousavi-Nasab SH, Sotoudeh-Anvari A (2017) A comprehensive 
MCDM-based approach using TOPSIS, COPRAS and DEA as an aux-
iliary tool for material selection problems. Mater Des 121:237–253. 
https:// doi. org/ 10. 1016/j. matdes. 2017. 02. 041

 71. Nadkarni RR, Puthuvayi B (2020) A comprehensive literature review of 
multi-criteria decision making methods in heritage buildings. J Build 
Eng 32:101814. https:// doi. org/ 10. 1016/j. jobe. 2020. 101814

 72. Önüt S, Soner S (2008) Transshipment site selection using the AHP 
and TOPSIS approaches under fuzzy environment. Waste Manage 
28:1552–1559. https:// doi. org/ 10. 1016/j. wasman. 2007. 05. 019

 73. Özbek A (2015) Supplier selection with fuzzy TOPSIS 14
 74. Ozernoy VM (1992) Choosing the “Best” multiple criterlv decision-

making method. INFOR: Inf Syst Oper Res 30:159–171. https:// doi. 
org/ 10. 1080/ 03155 986. 1992. 11732 192

 75. Patil SK, Kant R (2014) A fuzzy AHP-TOPSIS framework for ranking the 
solutions of knowledge management adoption in supply chain to 
overcome its barriers. Expert Syst Appl 41:679–693. https:// doi. org/ 
10. 1016/j. eswa. 2013. 07. 093

 76. Petrovic I, Kankaras M (2020) A hybridized IT2FS-DEMATEL-AHP-TOP-
SIS multicriteria decision making approach: Case study of selection 
and evaluation of criteria for determination of air traffic control radar 
position. Decis Making Appl Manag Eng 3:146–164. https:// doi. org/ 
10. 31181/ dmame 20031 34p

 77. Rezaei J, Fahim PBM, Tavasszy L (2014) Supplier selection in the air-
line retail industry using a funnel methodology: conjunctive screen-
ing method and fuzzy AHP. Expert Syst Appl 41:8165–8179. https:// 
doi. org/ 10. 1016/j. eswa. 2014. 07. 005

 78. Roberts R, Goodwin P (2002) Weight approximations in multi-attrib-
ute decision models. J Multi-Criteria Decis Anal 11:291–303. https:// 
doi. org/ 10. 1002/ mcda. 320

 79. Roy B (1996) Multicriteria methodology for decision aiding. Springer, 
Berlin

 80. Roy B, Słowiński R (2013) Questions guiding the choice of a multicri-
teria decision aiding method. EURO J Decis Process 1:69–97. https:// 
doi. org/ 10. 1007/ s40070- 013- 0004-7

 81. Roy T, Dutta RK (2019) Integrated fuzzy AHP and fuzzy TOPSIS meth-
ods for multi-objective optimization of electro discharge machin-
ing process. Soft Comput 23:5053–5063. https:// doi. org/ 10. 1007/ 
s00500- 018- 3173-2

 82. Saaty TL (1990) How to make a decision: The analytic hierarchy pro-
cess. European J Oper Res Desic Making Anal Hierar Process Theory 
Appl 48:9–26. https:// doi. org/ 10. 1016/ 0377- 2217(90) 90057-I

 83. Saaty TL (1977) A scaling method for priorities in hierarchical 
structures. J Math Psychol 15:234–281. https:// doi. org/ 10. 1016/ 0022- 
2496(77) 90033-5

 84. Sadi-Nezhad S, Khalili Damghani K (2010) Application of a fuzzy 
TOPSIS method base on modified preference ratio and fuzzy distance 
measurement in assessment of traffic police centers performance. 
Appl Soft Comput Optim Methods Appl Decis-Making Process 
10:1028–1039. https:// doi. org/ 10. 1016/j. asoc. 2009. 08. 036

 85. Senvar O, Otay I, Bolturk E (2016) Hospital site selection via hesitant 
fuzzy TOPSIS. In: IFAC-PapersOnLine, 8th IFAC conference on 
manufacturing modelling, management and control MIM 2016 49, 
1140–1145. https:// doi. org/ 10. 1016/j. ifacol. 2016. 07. 656

 86. Singh RK, Gunasekaran A, Kumar P (2018) Third party logistics (3PL) 
selection for cold chain management: a fuzzy AHP and fuzzy TOPSIS 
approach. Ann Oper Res 267:531–553. https:// doi. org/ 10. 1007/ 
s10479- 017- 2591-3

 87. Sitorus F, Cilliers JJ, Brito-Parada PR (2019) Multi-criteria decision 
making for the choice problem in mining and mineral processing: 
applications and trends. Expert Syst Appl 121:393–417. https:// doi. 
org/ 10. 1016/j. eswa. 2018. 12. 001

 88. Sotoudeh-Anvari A, Sadjadi SJ, Hadji Molana SM, Sadi-Nezhad S 
(2019) A stochastic multi-objective model based on the classical 
optimal search model for searching for the people who are lost in 
response stage of earthquake. Scientia Iranica 26:1842–1864. https:// 
doi. org/ 10. 24200/ sci. 2018. 20226

 89. Sugeno M (1985) An introductory survey of fuzzy control. Inf Sci 
36:59–83. https:// doi. org/ 10. 1016/ 0020- 0255(85) 90026-X

 90. Sun C-C (2010) A performance evaluation model by integrating fuzzy 
AHP and fuzzy TOPSIS methods. Expert Syst Appl 37:7745–7754. 
https:// doi. org/ 10. 1016/j. eswa. 2010. 04. 066

 91. Sun C-C, Lin GTR (2009) Using fuzzy TOPSIS method for evaluating 
the competitive advantages of shopping websites. Expert Syst Appl 
36:11764–11771. https:// doi. org/ 10. 1016/j. eswa. 2009. 04. 017

 92. Torlak G, Sevkli M, Sanal M, Zaim S (2011) Analyzing business competi-
tion by using fuzzy TOPSIS method: An example of Turkish domestic 
airline industry. Expert Syst Appl 38:3396–3406. https:// doi. org/ 10. 
1016/j. eswa. 2010. 08. 125

 93. van Laarhoven PJM, Pedrycz W (1983) A fuzzy extension of Saaty’s prior-
ity theory. Fuzzy Sets Syst 11:229–241. https:// doi. org/ 10. 1016/ S0165- 
0114(83) 80082-7

 94. Wang C-N, Dang T-T, Nguyen N-A-T (2021) Outsourcing reverse logistics 
for E-commerce retailers: a two-stage fuzzy optimization approach. 
Axioms 10:34. https:// doi. org/ 10. 3390/ axiom s1001 0034

 95. Wang T-C, Chang T-H (2007) Application of TOPSIS in evaluating 
initial training aircraft under a fuzzy environment. Expert Syst Appl 
33:870–880. https:// doi. org/ 10. 1016/j. eswa. 2006. 07. 003

https://doi.org/10.1016/j.eswa.2009.12.013
https://doi.org/10.1016/j.asoc.2014.11.028
https://doi.org/10.1065/lca2008.02.376
https://doi.org/10.1016/j.enpol.2019.05.020
https://doi.org/10.1016/j.enpol.2019.05.020
https://doi.org/10.1007/s12597-017-0297-6
https://doi.org/10.1016/j.jclepro.2020.122645
https://doi.org/10.1016/j.procs.2018.07.097
https://doi.org/10.1016/j.procs.2018.07.097
https://doi.org/10.1016/j.ijpe.2020.107693
https://doi.org/10.1016/j.ijpe.2020.107693
https://doi.org/10.1016/S0377-2217(97)00410-4
https://doi.org/10.1016/S0377-2217(97)00410-4
https://doi.org/10.3846/20294913.2015.1074951
https://doi.org/10.3846/20294913.2015.1074951
https://doi.org/10.1016/j.ejor.2007.03.003
https://doi.org/10.1016/S0377-2217(98)00141-6
https://doi.org/10.1016/j.energy.2016.10.076
https://doi.org/10.17576/jsm-2015-4402-11
https://doi.org/10.1007/s00158-004-0473-1
https://doi.org/10.1016/j.matdes.2017.02.041
https://doi.org/10.1016/j.jobe.2020.101814
https://doi.org/10.1016/j.wasman.2007.05.019
https://doi.org/10.1080/03155986.1992.11732192
https://doi.org/10.1080/03155986.1992.11732192
https://doi.org/10.1016/j.eswa.2013.07.093
https://doi.org/10.1016/j.eswa.2013.07.093
https://doi.org/10.31181/dmame2003134p
https://doi.org/10.31181/dmame2003134p
https://doi.org/10.1016/j.eswa.2014.07.005
https://doi.org/10.1016/j.eswa.2014.07.005
https://doi.org/10.1002/mcda.320
https://doi.org/10.1002/mcda.320
https://doi.org/10.1007/s40070-013-0004-7
https://doi.org/10.1007/s40070-013-0004-7
https://doi.org/10.1007/s00500-018-3173-2
https://doi.org/10.1007/s00500-018-3173-2
https://doi.org/10.1016/0377-2217(90)90057-I
https://doi.org/10.1016/0022-2496(77)90033-5
https://doi.org/10.1016/0022-2496(77)90033-5
https://doi.org/10.1016/j.asoc.2009.08.036
https://doi.org/10.1016/j.ifacol.2016.07.656
https://doi.org/10.1007/s10479-017-2591-3
https://doi.org/10.1007/s10479-017-2591-3
https://doi.org/10.1016/j.eswa.2018.12.001
https://doi.org/10.1016/j.eswa.2018.12.001
https://doi.org/10.24200/sci.2018.20226
https://doi.org/10.24200/sci.2018.20226
https://doi.org/10.1016/0020-0255(85)90026-X
https://doi.org/10.1016/j.eswa.2010.04.066
https://doi.org/10.1016/j.eswa.2009.04.017
https://doi.org/10.1016/j.eswa.2010.08.125
https://doi.org/10.1016/j.eswa.2010.08.125
https://doi.org/10.1016/S0165-0114(83)80082-7
https://doi.org/10.1016/S0165-0114(83)80082-7
https://doi.org/10.3390/axioms10010034
https://doi.org/10.1016/j.eswa.2006.07.003


Page 22 of 22Al Mohamed et al. Future Business Journal            (2023) 9:14 

 96. Wang Y-J (2008) Applying FMCDM to evaluate financial performance of 
domestic airlines in Taiwan. Expert Syst Appl 34:1837–1845. https:// doi. 
org/ 10. 1016/j. eswa. 2007. 02. 029

 97. Wang Y-M, Elhag TMS (2006) Fuzzy TOPSIS method based on alpha level 
sets with an application to bridge risk assessment. Expert Syst Appl 
31:309–319. https:// doi. org/ 10. 1016/j. eswa. 2005. 09. 040

 98. Wątróbski J, Jankowski J, Ziemba P, Karczmarczyk A, Zioło M (2019) 
Generalised framework for multi-criteria method selection: Rule set 
database and exemplary decision support system implementation 
blueprints. Data Brief 22:639–642. https:// doi. org/ 10. 1016/j. dib. 2018. 12. 
015

 99. Wen Z, Liao H, Zavadskas EK (2020) MACONT: mixed aggregation by 
comprehensive normalization technique for multi-criteria analysis. 
Informatica 31:857–880. https:// doi. org/ 10. 15388/ 20- INFOR 417

 100. Wu CK, Wang C-N, Le TKT (2022) Fuzzy multi criteria decision making 
model for agritourism location selection: a case study in Vietnam. 
Axioms 11:176. https:// doi. org/ 10. 3390/ axiom s1104 0176

 101. Yang T, Hung C-C (2007) Multiple-attribute decision making methods 
for plant layout design problem. Robot Comput-Integr Manuf 
23:126–137. https:// doi. org/ 10. 1016/j. rcim. 2005. 12. 002

 102. Yang ZL, Bonsall S, Wang J (2011) Approximate TOPSIS for vessel selec-
tion under uncertain environment. Expert Syst Appl 38:14523–14534. 
https:// doi. org/ 10. 1016/j. eswa. 2011. 05. 032

 103. Yeh C-H (2002) A problem-based selection of multi-attribute decision-
making methods. Int Trans Oper Res 9:169–181. https:// doi. org/ 10. 
1111/ 1475- 3995. 00348

 104. Yong D (2006) Plant location selection based on fuzzy TOPSIS. Int J Adv 
Manuf Technol 28:839–844. https:// doi. org/ 10. 1007/ s00170- 004- 2436-5

 105. Yucesan M, Gul M (2020) Hospital service quality evaluation: an inte-
grated model based on Pythagorean fuzzy AHP and fuzzy TOPSIS. Soft 
Comput 24:3237–3255. https:// doi. org/ 10. 1007/ s00500- 019- 04084-2

 106. Zanakis SH, Solomon A, Wishart N, Dublish S (1998) Multi-attribute deci-
sion making: A simulation comparison of select methods. Eur J Oper 
Res 107:507–529. https:// doi. org/ 10. 1016/ S0377- 2217(97) 00147-1

 107. Zavadskas EK, Podvezko V (2016) Integrated determination of objective 
criteria weights in MCDM. Int J Info Tech Dec Mak 15:267–283. https:// 
doi. org/ 10. 1142/ S0219 62201 65000 36

 108. Zavadskas EK, Turskis Z (2011) Multiple criteria decision making 
(MCDM) methods in economics: an overview. Technol Econ Dev Econ 
17:397–427. https:// doi. org/ 10. 3846/ 20294 913. 2011. 593291

 109. Zeleny M (2012) Multiple criteria decision making Kyoto 1975. Springer, 
Berlin

 110. Zhu H, Wei L, Niu P (2020) The novel coronavirus outbreak in 
Wuhan. China Global Health Res Policy 5:6. https:// doi. org/ 10. 1186/ 
s41256- 020- 00135-6

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.1016/j.eswa.2007.02.029
https://doi.org/10.1016/j.eswa.2007.02.029
https://doi.org/10.1016/j.eswa.2005.09.040
https://doi.org/10.1016/j.dib.2018.12.015
https://doi.org/10.1016/j.dib.2018.12.015
https://doi.org/10.15388/20-INFOR417
https://doi.org/10.3390/axioms11040176
https://doi.org/10.1016/j.rcim.2005.12.002
https://doi.org/10.1016/j.eswa.2011.05.032
https://doi.org/10.1111/1475-3995.00348
https://doi.org/10.1111/1475-3995.00348
https://doi.org/10.1007/s00170-004-2436-5
https://doi.org/10.1007/s00500-019-04084-2
https://doi.org/10.1016/S0377-2217(97)00147-1
https://doi.org/10.1142/S0219622016500036
https://doi.org/10.1142/S0219622016500036
https://doi.org/10.3846/20294913.2011.593291
https://doi.org/10.1186/s41256-020-00135-6
https://doi.org/10.1186/s41256-020-00135-6

	Application of fuzzy multicriteria decision-making model in selecting pandemic hospital site
	Abstract 
	Introduction
	Literature review
	MCDM literature
	Decision making (DM) and its requirements
	Construction of hospitals and its importance in facing corona

	Methodology
	Aggregate the weight of criteria
	Fuzzy set
	Fuzzy logic
	Making uncertain decisions
	Fuzzy numbers
	Linguistic variable
	Fuzzy analytical hierarchy process (FAHP)
	Fuzzy TOPSIS (FTOPSIS)

	Results and discussion
	Applying F-AHP to defining the weight of criteria

	Sensitivity analysis:
	Conclusions
	Acknowledgements
	References


